
Abstract- Independent Component Analysis (ICA) is applied to 
the Magnetoencephalography (MEG) data of a subject 
performing a yoga breathing exercise specific for the treatment 
of obsessive compulsive disorder. The spatio-temporal dynamics 
observed using a whole-head 148-channel MEG instrument are 
split into the fundamental modes, thus isolating separate brain 
activity signals.  Experiments were performed on data from 
different brain regions.  Spectral analysis of the more significant 
signals are presented.  Moreover a new tool is developed as a 
Matlab toolbox to support the scientist both in the visualization 
and computation phases. 
Keywords – Magnetoencephalography, Independent Components 
Analysis, Spectral Analysis. 

 
I. INTRODUCTION 

 
Various bioelectric signals are routinely recorded in 

modern clinical practice and new state-of-the-art monitoring 
equipment presents the engineer with new challenges for data 
analysis.   This is especially true for the complex bioelectric 
and magnetic sources generated by the brain. The main 
advantages of using the magnetoencephalogram are that the 
brain and overlying tissue can be characterized as a single 
medium having constant magnetic permeability. Therefore 
the magnetic field (unlike the electric field) is not influenced 
by the shell-like anisotropic inhomogeneities surrounding the 
brain [1]. Moreover, the MEG measurement is indirect and 
does not require surface electrodes.  

 A major challenge for MEG data is the analysis and 
characterization of the spatio-temporal patterns [2,3,4]. Many 
different signals are simultaneously being generated from 
different brain regions and all interact in a complex manner.  
This suggests a need to be able to isolate and characterize 
both the stronger and weaker signals [3,4,5,6]. 

The focus of this paper is towards a more global 
understanding of the MEG data obtained using a 148-channel 
whole-head Magnes 2500 Biomagnetometer (4-D 
Neuroimaging, San Diego, California) located at The Scripps 
Research Institute (La Jolla, CA). MEG signals were 
recorded with a subject performing a yoga breathing exercise 
used for the specific treatment of patients with obsessive 
compulsive disorder [8]. 

The methodology adopted is based on two steps.  The first 
employs ICA [5,6] with the idea that MEG signals can be 
thought of as having low dimensional components that can be 
isolated from the highly complex patterns to yield more 
fundamental components.  This may allow for a second phase 
where each independent signal can then be better understood 
for its physical meaning. 

Different experiments have been performed that show that 
ICA offers an interesting approach for reconstructing cortical 
neuronal activity.  First a global analysis (including all the 
148 signals) was conducted and then attention was directed to 
the various ICA modes.  In the second step a Fourier analysis 
of the more significant components was performed, and 
several suitable filters were also applied. 

Moreover a tool was developed to support the scientist in 
analyzing these signals using this approach.  This tool 
provides an environment for the visualization of temporal 
series, frequency spectrum, spatio-temporal and Fourier 
maps, and ICA analyses.  

 
II. A CASE STUDY 

 
The magnitude of the magnetic field associated with the 

active cortex is extremely low; it is estimated that the 
magnetic field of the alpha wave is approximately 0.1 pT at a 
5 cm distance from the scalp surface. The biomagnetic field 
associated with the magnetoencephalogram is roughly one 
hundred million times weaker than the magnetic field of the 
earth (50 µT). The recent technological advances employing a 
wide array of Superconducting Quantum Interference Device 
(SQUID) magnetometers have made measurements of these 
extremely low-strength magnetic fields possible.  

In this application the SQUID magnetometer uses 148 
channels.  Each of the 148 pick-up coils in this instrument is a 
2 cm diameter magnetometer, with a 2.2 cm distance between 
coils center-to-center.  Each coil is connected to a SQUID 
that produces a voltage proportional to the magnetic field 
radial to the head, resulting in preferential sensitivity to 
neural electrical sources tangential to the surface of the scalp, 
sources emanating from cortical sulci.  This MEG system has 
some advantages over previous instruments.  Previous 
systems used gradiometers, which have the pickup and 
bucking coils in close proximity to eliminate the contribution 
of magnetic fields from more distant sources (e.g. heart, 
nearby electrical equipment). 
    The current system uses magnetometers with pick-up coils, 
and a separate noise detection and elimination scheme, which 
significantly increases the signal-to-noise ratio and improves 
the ability to detect deeper sources in the cortex. Trained 
MEG technicians positioned the subject, applied Electro-
oculargram leads, and performed head-shape digitization.  
Only one subject was employed who is highly trained with 
yogic breathing meditation techniques and as a subject with 
MEG experimentation.  Head-shape was digitized, based on 
known locations on the subject's head (tragus of left and right 
ears and nasion).  Head shape data is for later co-registration 
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between measurement coil locations, electrode locations, and 
scalp landmarks. Eye movements were recorded with 
electrodes placed above and below the right eye.  Electrode 
impedances were set below 5 k-ohms.  MEG data was 
recorded at 250 Hz, with an analog filter band pass of 1 to 
100 Hz. 
     The subject was in a comfortable 45-degree reclining 
position, with the "helmet" of the MEG system placed around 
the head.  The subject followed a well-practiced protocol [8] 
that involved 10 min of resting baseline recording, followed 
by 31 min of selectively breathing through the left nostril 
(using a plug for the right nostril) at a respiratory rate of one 
breath per minute (15 sec for each inspiration phase, 15 sec 
for breath retention, 15 sec for slow expiration, and 15 sec 
breath held out), again followed by 10 min of resting.  

 
 III. ANALYSIS METHODS 

 
The complex nature of the MEG data requires an 

environment that allows for managing long data series with 
high sampling rates.  This should include a procedure devoted 
to the visualization of the trends of the signals and for the  
comparison of multiple channels simultaneously.  This can be 
useful for a first look at the data to establish the strategy to be 
followed and to separate the spurious parts of the signal that 
may be experimental artifacts in the data. Successive 
operations usually deal with frequency investigation.  Power 
spectra are calculated in order to show the distribution of 
neural activity over different frequencies.  Indeed, in some 
cases it is useful to distinguish the neural activity in the delta 
(0.1-4 Hz), theta (4-8 Hz), alpha (8-12 Hz), beta (12-20 Hz) 
or gamma (35-60 Hz) bands that reflect conscious or 
unconscious internal processing related to states as indicated 
in Table1. 

 
BAND RANGE ACTIVITY 
DELTA 

 
0.1-4 Hz DEEP-SLEEP 

THETA 
 

4-8 Hz TOWARDS DEEP-SLEEP 

ALPHA 
 

8-12 Hz AWAKE - RESTING 

BETA 
 

12-20 Hz EMOTIONAL PROCESSING 

GAMMA 
 

35-60 Hz “CONSCIOUS PROCESSING” 

Table 1. Neural activity frequency bands. 

The emergence of complex behavior in high dimensional 
systems can be represented by spatio-temporal maps [7] that 
reflect the temporal evolution of the variables of the system, 
and where amplitude is encoded with a color bar.  Moreover, 
since the spatial distribution of the scalp channels, shown in 
Fig. 1, do not allow a mono-dimensional representation for 
each time instant, but rather invite a collection of two-
dimensional frames, spatio-temporal maps have been 
considered as well as the possibility of building a movie 
showing frames in succession. 

 

 
Fig. 1. The “helmet” for MEG recording. The sensors are located 

at the intersections of solid lines. 
 
As discussed above the complexity of the system 

investigated does not allow an immediate understanding of 
the essential features of the neuromagnetic signals, especially 
when artifacts are present. When using ICA it is possible to 
estimate brain activity separated from artifacts [5,6]. This 
approach is based on the hypothesis of statistical 
independence of the signals, which arise from anatomically 
and physiologically separated processes. 

The main idea underlying ICA is that given a collection of 
n measurements x1,…, xn that are supposed linear combination 
of the n statistically independent non-gaussian original 
signals s1,…, sn, as follows: 

Asx =                                         (1) 
 it is possible to estimate the signals s1,…, sn by the relation: 

Wxs =                                         (2) 
where W is an estimation of the inverse of the matrix A of 

unknown elements obtained by a recursive algorithm. Further 
details can be found in the tutorial [5] and review [6]. 

Usually two preprocessing techniques are used. First the 
centering is performed to make the xi zero-mean variables. 
Then the whitening is performed to obtain uncorrelated 
components with unitary variance, by considering singular 
value decomposition of the covariance matrix of x. 
Discarding the singular values that are too small can reduce 
the dimension of the data. 

Once the Independent Components (ICs) of the MEG 
signals are found, these can be analyzed: in the frequency 
domain in order to investigate their relations with particular 
activities, and in a series of experiments in order to illustrate 
their relations with particular scalp regions, or to investigate 
if the same ICs set are found starting from a reduced set of 
initial channels. 

These features have been included in a tool developed as a 
MATLAB toolbox to support the scientist in data analyzes.  

 
IV. RESULTS 

 
In this section the results of the analysis methods described 

above are illustrated. The aim of these analyses is to find 
meaningful signals and to correlate them with the activity of 
the subject when performing the yoga exercise. Thus, the 
analyses have been repeated for the three exercise phases. 



From an analysis of a time series it may be possible to 
distinguish faulty channels and to make a preliminary 
analysis showing that channels include artifact. 

The time series showed high complex evolutions and a 
spatial correlation dependent on the distance between the 
considered coils.  

The ICA analysis has been performed to characterize two 
different aspects, the first related to the spatial distribution of 
the channels and the second to evaluate the power spectra 
distribution of each IC to investigate its correlation with a 
particular human activity.  

 

 
Fig. 2. Trends of two minutes of ICs (rest phase). 

 
A. Global behavior 
 
The whole scalp ICA demonstrates different time 

evolutions during each phase of the yoga exercise. 
The criteria for dimension reduction in the whitening phase 

of the ICA algorithm is that the ratio between the maximum 
singular value and the smallest retained singular value is 
greater than 100. In the following, data from two minutes for 
each phase of the exercise have been analyzed as indicated in 
Table 2.  This table also shows the reduced number of signals 
to be searched according to the criteria explained above. 
Since the algorithm does not always converge, the number of 
signals found can differ as shown in Table 2. 

 
    Phase Minutes Signals Searched Signals found 

Rest 1 3°-4° 20 14 
Exercise 25°-26° 22 19 
Rest 2 45°-46° 18 14 
Table 2. Minutes analyzed for each phase to perform ICA. 
 

 Fig. 2 deals with the first phase of the exercise (3° and 4° 
minutes) and shows 10 of the 14 ICs.  

It is quite difficult to attribute a physical meaning to each 
signal. The first signal of Fig. 2 has been recognized as 
cardiac activity with classical peaks at the heartbeat, while 
some of the other signals show a low frequency activity that 
could be evoked by artifacts. 

The analysis of the time series of the second phase in Fig. 3 
(25° and 26° minutes) shows a modulation of the cardiac 
rhythm as a result of the yoga breathing control exercise.  

In order to investigate the physical meaning of the ICs 
three experiments have been considered: 
§ I experiment. The ICA has been applied to the various 

regions of the scalp in order to investigate the possible 
localization of an IC. As a result of such an analysis the 
IC related to the cardiac activity has been clearly 
revealed only in the neck region.  

§ II experiment. This second experiment deals with the 
possibility of considering a reduced set of starting 
channels. Namely, a high correlation has been observed 
between neighborhood channels. Thus, only some 
channels have been considered and the neighbors of 
these channels have been neglected.  A comparison of 
the result of such an analysis and an ICA applied to the 
whole set of channels has been performed: some ICs are 
clearly identical. 

§ III experiment. Studying the complex behavior of high 
dimensional systems is fundamental for evaluating the 
invariant characteristics of the systems. In analyzing the 
ICA we observed that the weight matrix W, that gives 
the influence of each component related to the channel 
spatial distribution, are very similar during the exercise 
phases. The following experiment has been considered: 
once performed the ICA computations for a minute, the 
same ICA weight matrix is applied to other minutes to 
obtain the related ICs without again running the ICA 
algorithm.  The signals obtained in this way are 
compared to the ones coming from the ICA application. 
No significant differences have been observed except 
when there are artifacts present in the data.  

 
B. Spectral analysis 
 
The study of the power distribution related to the frequency 

spectrum constitutes an important approach for characterizing 
brain activity. As explained previously some bands are more 
related to specific biological states. 

A Fourier analysis was performed for each IC.  Fig. 4 
shows the Fourier analysis when performed on the IC related 
to the cardiac activity.  The heart activity can be recognized 
as a peak in the delta band.  The modulation of cardiac 
activity due to the breathing rate of one breath per min is 
evident in Fig. 3.  The peak at 60 Hz is due to frequency of 
the US power grid.  



 

 
Fig. 3. Trends of two minutes of ICs (exercise phase). 

 
 

V. CONCLUSIONS 
 

The analysis of a recording of MEG data from a subject 
performing a yoga breathing exercise has been performed by 
using ICA. The spatio-temporal dynamics obtained from 148 
channels has been split into the fundamental parts, thus 
isolating discrete brain activity signals. A physical meaning 
has been attributed to a signal showing peaks at the heartbeat 
frequency and modulated when the subject performs the yoga 
respiration. Different experiments have been performed in 
relationship to various brain regions, emphasizing that some 
ICs are localized in a given scalp region.  Moreover a new 
tool has been developed as a Matlab toolbox to support the 
scientist both in the visualization of data and in the 
computation of ICA and other types of analyses. 

 
 

ACKNOWLEDGMENT 
 
DSK, RLS, and JAW thank the Fetzer Institute for partial 

support. 

  
Fig. 4. Trend of the ICA signal modulated by the cardiac activity 

and Fourier analysis of the signal in the various bands. 
 

REFERENCES 
 

[1] Webster J.G., Medical Instrumentation, Wiley, 1998. 
[2] Farmer J.D., Sidorowich J.J.,  “Predicting chaotic dynamics”, In: 
Kelso, Mandell, and Shlesinger, eds., Dynamic Patterns in Complex 
Systems, Singapore, World Scientific (1988). 
[3] Lounasmaa O.V., Hamalainen M., Hari, R., Salmelin R., 
“Information  processing  in  the  human  brain:  a 
magnetoencephalo-graphic approach”, Proceedings of the National 
Academy of Sciences, USA, (1996), 93, 8809-8815. 
[4] Novikov E., Novikov A., Shannahoff-Khalsa D., Schwartz B., 
Wright J., “Scale-similar activity in the brain”, Physical Review E 
(1997a) 56(3), R2387-R2389. 
[5]  Jung T-P., Makeig S., McKeown M.J., Bell A.J., Lee T-W., 
Sejnowkski T.J., “Imaging brain dynamics using Independent 
Component Analysis”, IEEE Proceedings, in press. 
[6] Hyvarinen A. and Oja E., “Independent  component analysis: 
algorithms and applications”, Neural Networks, (2000) 13:411-430.  
[7] Arena P., Caponetto R., Fortuna L., Rizzo A., La Rosa M., “Self-
Organization In Nonrecurrent Complex Systems”, International. 
Journal of Bifurcation and Chaos, Vol. 10, No. 5 (2000) 1115-1125 
[8] Shannahoff-Khalsa D., Ray L.E., Levine S., Gallen C.C., 
Schwartz B.J., Sidorowich J.J., “Randomized Controlled Trial of 
Yogic Meditation Techniques for patients with Obsessive 
Compulsive Disorders”, CNS Spectrums: The International Journal 
of Neuropsychiatric Medicine, vol 4, no. 12, pp 34-46, 1999. 

FFT 

α-band 

γ-band 

δ-band 

β-band 

θ-band 

a        lo       13       II       tB       la 

-^ i I -,» ^  

a B 1(1 
.1 1. 

HJ**MI>J^<fat<*Mlk>. 

X) n 60 BO ICO 130 
I T I 

'1 f'T 

m 
0 13 3 1 r D 1 ID 


	Main Menu
	-------------------------
	Welcome Letter
	Chairman Address
	Keynote Lecture
	Plenary Talks
	Mini Symposia
	Workshops
	Theme Index
	1.Cardiovascular Systems and Engineering 
	1.1.Cardiac Electrophysiology and Mechanics 
	1.1.1 Cardiac Cellular Electrophysiology
	1.1.2 Cardiac Electrophysiology 
	1.1.3 Electrical Interactions Between Purkinje and Ventricular Cells 
	1.1.4 Arrhythmogenesis and Spiral Waves 

	1.2. Cardiac and Vascular Biomechanics 
	1.2.1 Blood Flow and Material Interactions 
	1.2.2.Cardiac Mechanics 
	1.2.3 Vascular Flow 
	1.2.4 Cardiac Mechanics/Cardiovascular Systems 
	1.2.5 Hemodynamics and Vascular Mechanics 
	1.2.6 Hemodynamic Modeling and Measurement Techniques 
	1.2.7 Modeling of Cerebrovascular Dynamics 
	1.2.8 Cerebrovascular Dynamics 

	1.3 Cardiac Activation 
	1.3.1 Optical Potential Mapping in the Heart 
	1.3.2 Mapping and Arrhythmias  
	1.3.3 Propagation of Electrical Activity in Cardiac Tissue 
	1.3.4 Forward-Inverse Problems in ECG and MCG 
	1.3.5 Electrocardiology 
	1.3.6 Electrophysiology and Ablation 

	1.4 Pulmonary System Analysis and Critical Care Medicine 
	1.4.1 Cardiopulmonary Modeling 
	1.4.2 Pulmonary and Cardiovascular Clinical Systems 
	1.4.3 Mechanical Circulatory Support 
	1.4.4 Cardiopulmonary Bypass/Extracorporeal Circulation 

	1.5 Modeling and Control of Cardiovascular and Pulmonary Systems 
	1.5.1 Heart Rate Variability I: Modeling and Clinical Aspects 
	1.5.2 Heart Rate Variability II: Nonlinear processing 
	1.5.3 Neural Control of the Cardiovascular System II 
	1.5.4 Heart Rate Variability 
	1.5.5 Neural Control of the Cardiovascular System I 


	2. Neural Systems and Engineering 
	2.1 Neural Imaging and Sensing  
	2.1.1 Brain Imaging 
	2.1.2 EEG/MEG processing

	2.2 Neural Computation: Artificial and Biological 
	2.2.1 Neural Computational Modeling Closely Based on Anatomy and Physiology 
	2.2.2 Neural Computation 

	2.3 Neural Interfacing 
	2.3.1 Neural Recording 
	2.3.2 Cultured neurons: activity patterns, adhesion & survival 
	2.3.3 Neuro-technology 

	2.4 Neural Systems: Analysis and Control 
	2.4.1 Neural Mechanisms of Visual Selection 
	2.4.2 Models of Dynamic Neural Systems 
	2.4.3 Sensory Motor Mapping 
	2.4.4 Sensory Motor Control Systems 

	2.5 Neuro-electromagnetism 
	2.5.1 Magnetic Stimulation 
	2.5.2 Neural Signals Source Localization 

	2.6 Clinical Neural Engineering 
	2.6.1 Detection and mechanisms of epileptic activity 
	2.6.2 Diagnostic Tools 

	2.7 Neuro-electrophysiology 
	2.7.1 Neural Source Mapping 
	2.7.2 Neuro-Electrophysiology 
	2.7.3 Brain Mapping 


	3. Neuromuscular Systems and Rehabilitation Engineering 
	3.1 EMG 
	3.1.1 EMG modeling 
	3.1.2 Estimation of Muscle Fiber Conduction velocity 
	3.1.3 Clinical Applications of EMG 
	3.1.4 Analysis and Interpretation of EMG 

	3. 2 Posture and Gait 
	3.2.1 Posture and Gait

	3.3.Central Control of Movement 
	3.3.1 Central Control of movement 

	3.4 Peripheral Neuromuscular Mechanisms 
	3.4.1 Peripheral Neuromuscular Mechanisms II
	3.4.2 Peripheral Neuromuscular Mechanisms I 

	3.5 Functional Electrical Stimulation 
	3.5.1 Functional Electrical Stimulation 

	3.6 Assistive Devices, Implants, and Prosthetics 
	3.6.1 Assistive Devices, Implants and Prosthetics  

	3.7 Sensory Rehabilitation 
	3.7.1 Sensory Systems and Rehabilitation:Hearing & Speech 
	3.7.2 Sensory Systems and Rehabilitation  

	3.8 Orthopedic Biomechanics 
	3.8.1 Orthopedic Biomechanics 


	4. Biomedical Signal and System Analysis 
	4.1 Nonlinear Dynamical Analysis of Biosignals: Fractal and Chaos 
	4.1.1 Nonlinear Dynamical Analysis of Biosignals I 
	4.1.2 Nonlinear Dynamical Analysis of Biosignals II 

	4.2 Intelligent Analysis of Biosignals 
	4.2.1 Neural Networks and Adaptive Systems in Biosignal Analysis 
	4.2.2 Fuzzy and Knowledge-Based Systems in Biosignal Analysis 
	4.2.3 Intelligent Systems in Speech Analysis 
	4.2.4 Knowledge-Based and Neural Network Approaches to Biosignal Analysis 
	4.2.5 Neural Network Approaches to Biosignal Analysis 
	4.2.6 Hybrid Systems in Biosignal Analysis 
	4.2.7 Intelligent Systems in ECG Analysis 
	4.2.8 Intelligent Systems in EEG Analysis 

	4.3 Analysis of Nonstationary Biosignals 
	4.3.1 Analysis of Nonstationary Biosignals:EEG Applications II 
	4.3.2 Analysis of Nonstationary Biosignals:EEG Applications I
	4.3.3 Analysis of Nonstationary Biosignals:ECG-EMG Applications I 
	4.3.4 Analysis of Nonstationary Biosignals:Acoustics Applications I 
	4.3.5 Analysis of Nonstationary Biosignals:ECG-EMG Applications II 
	4.3.6 Analysis of Nonstationary Biosignals:Acoustics Applications II 

	4.4 Statistical Analysis of Biosignals 
	4.4.1 Statistical Parameter Estimation and Information Measures of Biosignals 
	4.4.2 Detection and Classification Algorithms of Biosignals I 
	4.4.3 Special Session: Component Analysis in Biosignals 
	4.4.4 Detection and Classification Algorithms of Biosignals II 

	4.5 Mathematical Modeling of Biosignals and Biosystems 
	4.5.1 Physiological Models 
	4.5.2 Evoked Potential Signal Analysis 
	4.5.3 Auditory System Modelling 
	4.5.4 Cardiovascular Signal Analysis 

	4.6 Other Methods for Biosignal Analysis 
	4.6.1 Other Methods for Biosignal Analysis 


	5. Medical and Cellular Imaging and Systems 
	5.1 Nuclear Medicine and Imaging 
	5.1.1 Image Reconstruction and Processing 
	5.1.2 Magnetic Resonance Imaging 
	5.1.3 Imaging Systems and Applications 

	5.2 Image Compression, Fusion, and Registration 
	5.2.1 Imaging Compression 
	5.2.2 Image Filtering and Enhancement 
	5.2.3 Imaging Registration 

	5.3 Image Guided Surgery 
	5.3.1 Image-Guided Surgery 

	5.4 Image Segmentation/Quantitative Analysis 
	5.4.1 Image Analysis and Processing I 
	5.4.2 Image Segmentation 
	5.4.3 Image Analysis and Processing II 

	5.5 Infrared Imaging 
	5.5.1 Clinical Applications of IR Imaging I 
	5.5.2 Clinical Applications of IR Imaging II 
	5.5.3 IR Imaging Techniques 


	6. Molecular, Cellular and Tissue Engineering 
	6.1 Molecular and Genomic Engineering 
	6.1.1 Genomic Engineering: 1 
	6.1.2 Genomic Engineering II 

	6.2 Cell Engineering and Mechanics 
	6.2.1 Cell Engineering

	6.3 Tissue Engineering 
	6.3.1 Tissue Engineering 

	6.4. Biomaterials 
	6.4.1 Biomaterials 


	7. Biomedical Sensors and Instrumentation 
	7.1 Biomedical Sensors 
	7.1.1 Optical Biomedical Sensors 
	7.1.2 Algorithms for Biomedical Sensors 
	7.1.3 Electro-physiological Sensors 
	7.1.4 General Biomedical Sensors 
	7.1.5 Advances in Biomedical Sensors 

	7.2 Biomedical Actuators 
	7.2.1 Biomedical Actuators 

	7.3 Biomedical Instrumentation 
	7.3.1 Biomedical Instrumentation 
	7.3.2 Non-Invasive Medical Instrumentation I 
	7.3.3 Non-Invasive Medical Instrumentation II 

	7.4 Data Acquisition and Measurement 
	7.4.1 Physiological Data Acquisition 
	7.4.2 Physiological Data Acquisition Using Imaging Technology 
	7.4.3 ECG & Cardiovascular Data Acquisition 
	7.4.4 Bioimpedance 

	7.5 Nano Technology 
	7.5.1 Nanotechnology 

	7.6 Robotics and Mechatronics 
	7.6.1 Robotics and Mechatronics 


	8. Biomedical Information Engineering 
	8.1 Telemedicine and Telehealth System 
	8.1.1 Telemedicine Systems and Telecardiology 
	8.1.2 Mobile Health Systems 
	8.1.3 Medical Data Compression and Authentication 
	8.1.4 Telehealth and Homecare 
	8.1.5 Telehealth and WAP-based Systems 
	8.1.6 Telemedicine and Telehealth 

	8.2 Information Systems 
	8.2.1 Information Systems I
	8.2.2 Information Systems II 

	8.3 Virtual and Augmented Reality 
	8.3.1 Virtual and Augmented Reality I 
	8.3.2 Virtual and Augmented Reality II 

	8.4 Knowledge Based Systems 
	8.4.1 Knowledge Based Systems I 
	8.4.2 Knowledge Based Systems II 


	9. Health Care Technology and Biomedical Education 
	9.1 Emerging Technologies for Health Care Delivery 
	9.1.1 Emerging Technologies for Health Care Delivery 

	9.2 Clinical Engineering 
	9.2.1 Technology in Clinical Engineering 

	9.3 Critical Care and Intelligent Monitoring Systems 
	9.3.1 Critical Care and Intelligent Monitoring Systems 

	9.4 Ethics, Standardization and Safety 
	9.4.1 Ethics, Standardization and Safety 

	9.5 Internet Learning and Distance Learning 
	9.5.1 Technology in Biomedical Engineering Education and Training 
	9.5.2 Computer Tools Developed by Integrating Research and Education 


	10. Symposia and Plenaries 
	10.1 Opening Ceremonies 
	10.1.1 Keynote Lecture 

	10.2 Plenary Lectures 
	10.2.1 Molecular Imaging with Optical, Magnetic Resonance, and 
	10.2.2 Microbioengineering: Microbe Capture and Detection 
	10.2.3 Advanced distributed learning, Broadband Internet, and Medical Education 
	10.2.4 Cardiac and Arterial Contribution to Blood Pressure 
	10.2.5 Hepatic Tissue Engineering 
	10.2.6 High Throughput Challenges in Molecular Cell Biology: The CELL MAP

	10.3 Minisymposia 
	10.3.1 Modeling as a Tool in Neuromuscular and Rehabilitation 
	10.3.2 Nanotechnology in Biomedicine 
	10.3.3 Functional Imaging 
	10.3.4 Neural Network Dynamics 
	10.3.5 Bioinformatics 
	10.3.6 Promises and Pitfalls of Biosignal Analysis: Seizure Prediction and Management 



	Author Index
	A
	B
	C
	D
	E
	F
	G
	H
	I
	J
	K
	L
	M
	N
	O
	Ö
	P
	Q
	R
	S
	T
	U
	Ü
	V
	W
	X
	Y
	Z

	Keyword Index
	-
	¦ 
	1
	2
	3
	4
	9
	A
	B
	C
	D
	E
	F
	G
	H
	I
	i
	J
	K
	L
	M
	N
	O
	P
	Q
	R
	S
	T
	U
	V
	W
	X
	Y
	Z

	Committees
	Sponsors
	CD-Rom Help
	-------------------------
	Return
	Previous Page
	Next Page
	Previous View
	Next View
	Print
	-------------------------
	Query
	Query Results
	-------------------------
	Exit CD-Rom


