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ABSTRACT

This study examines enlisted attrition behavior for the
U.8. Coast Guard and develops a model that projects attrition
figures. Survival analysis techniques are used to analyze the
empirical attrition behaviors associated with an individuals
sex, race, marital status, and military occupational skill
(MOS) . In this study males tend to have higher survival
probabilities than females, non-caucasians higher than
caucasians, and married persons higher than those not married.
Aviation MOSs have the highest survival probabilities and
technical MOSs have the lowest.

Modelled survivor functions are developed for two
paygrades because each contain small personnel inventories.
These modelled survivor functions do not fit the data as well
as desired but are nonetheless used pending the development of
sharper alternatives.

Finally a counting model based on the Binomial
Distribution is developed that projectse monthly enlisted
attrition figures.
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I. INTRODUCTION

A. PROBLEM STATEMENT

The United States Coast Guard (CG) is a military service
operating within the Department of Transportation. Its main
missions are aids to navigation, boating safety, defense
operations, maritime law enforcement, environmental response,
marine inspection, ice operations, marine licensing, marine
science, search and rescue, port security and safety, and
waterways management. The CG maintains an active duty
hierarchical personnel structure with approximately 6,000
officers and 30,000 enlisted members. The CG Personnel
Workforce Planning (PWP) office located in Washington, D.C.
has the overall responsibility for projecting the active duty
enlisted personnel needs of the CG. Their responsibilities
include the calculating of personnel stocks, promotion
requirements, attritions, and recruitment needs. The current
method for predicting monthly enlisted attrition by paygrade
is to calculate a running average or mean of past monthly
attrition and use this mean as a forecast of future attrition.

This forecasting method is crude, ignores many issues, and is

not accurate enough to meet the needs of the CG.




Why does a person separate from the CG? What are the
characteristics associated with this person? Are these
characteristics the same for each paygrade? Previous CG
studies have focussed on the first question but have not
looked at attrition data analytically. The first question
will not be addressed. This thesis will look at the next two
questions and will propose a method, based on a survival
analysis of CG enlisted attrition data, for calculating
monthly personnel attrition. This study is a first attempt at
examining CG enlisted attrition using data analysis tools. It
is designed to provide a procedure for studying attrition, and
for developing a basic model that calculates monthly attrition
which can be expanded by future studies.

B. COAST GUARD ENLISTED PERSONNEL BACKGROUND INFORMATION

The Coast Guard enlisted personnel structure is composed
of 9 paygrades, E-1 to E-9, lowest to highest respectively.
(There 1s an E-10 position filled by one person but this
thesis does not address this paygrade.) Paygrade E-1 1is
composed of persons attending CG basic training school and
paygrade E-2 is composed of persons who have completed basic
training school, have been assigned to active duty commands,
and are preparing to attend a CG specialty school (also called
A-school)., Paygrades E-3 through E-9 are divided into 24
active duty military occupational skills (MOS) or sub-
specialties 1listed below:




- Aviation Machinist’s Mate (AD)
- Aviation Electrician’s Mate (AE)
- Aviation Structural Mechanic (AM)
- Aviation Survivalman (ASM)

- Aviation Electronic Technician (AT)

- Boatswain’s Mate (BM)
- Damage Controlman (DC)
- Electrician’s Mate (EM)
- Electronics Technician (ET)
- Fire Control Technician (FT)
- Gunner's Mate (GM)
- Health Services Technician (HS)
- Machinery Technician (MK)
- Musician (MU)
- Marine Scilence Technician (MST)
- Public Affairs Specialist (PA)
- Quartermaster (QM)
- Radarman (RD)
- Radioman (RM)
- Storekeeper (SK)
- Subsgistence Specialist (88)
- Sonar Technician (ST)
- Telephone Technician (TT)
' - Yeoman (YN)




An enlisted man (EM) receives an MOS after either
completing a specialty school or by completing an intensive
on-the-job training program. Both methods are usually
completed while the EM is in the E-3 paygrade. An E-3 who has
not obtained an MOS is called nonrated; E-3's through E-9's
hold only one MOS at a time and usually keep that MOS
throughout their careers.

Promotions to the next highest paygrade are performed by
MOS and are dictated by the needs of the CG. Promotions to
paygrades E-5 through E-9 are vacancy driven and promotions to
paygrades E-3 and E-4 occur on qualification for advancement.
Promotion to paygrade E-2 occurs upon completion of basic
training.

Enlisted personnel sign service obligation contracts
(enlistments) that require the person to serve in the CG for
a set number of years. Enlistments usually last four years.
(There have been two year enlistments but these have been
terminated.) Upon completion of an enlistment and upon
approval by the CG, a person may sign a new contract
(reenligt), or separate from the CG. Enlisted attrition

generally occurs because of:

- retirement - minimum 20 years active duty service,

- non-reenlistments - an EM chooses not to reenlist or the

CG chooses not to reenlist the person,




- administrative reasons - an EM may depart the CG prior to
the end of his/her enlistment "for the convenience of the

government",

- death or disability,

- @election to an officer program.

For the purposes of this study the term separation refers to

a person leaving the CG for any of the above reasons.

c. PROCEDURE

This thesis examines, by paygrade, individual personnel
characteristice associated with attrition and develops a model
that calculates monthly attrition, Survival analysis
techniques are used to study behaviors associatud with these
attrition characteristics. Survival analysis is a data
analysis technique that is useful in examining failure time
data. Many of the visible applications have been in medical
research where a typical "failure" is the death of a patient
who had been subjected to some type of treatment, Obviously
it would not be practical to wait for all the patients to
"fail" before analyzing the data. It is more convenlent to
end the experiment at some specified time and do an analysis
of all the data. The observables that did not "fail" by the

end of the data collection period are called censored




observations. They must be treated differently since their
failure times are yet to occur and are hence unknown.
Survival analysis allows for censored failure times and
provides techniques for including them in the analysis. The
primary tool used in the survival analysis will k. the
estimation of survivor functions or curves. These curves
provide probabilities that a person survives up to and beyond
a set time, t. Their estimators are often called product
limit estimators because of the technique used. Survival
probabilities are the compliment of attrition rates and are
needed to calculate expected monthly attrition figures.

The personnel data are cross classified by paygrade and
each paygrade is partitioned by certain individual personnel
characteristics. Paygrades E-1 and E-2 will be partitioned by
the characteristics of sex, marital status, and race.
Paygrade E-3 will be partitioned by these same characteristics
and by whether the person had obtained an MOS or was nonrated.
Paygrades E-4 through E-9 will be partitioned by the same
characteristics as E-1s and E-2s and by CG MOS. MOSs will be
grouped according to categories listed in Table 1 on

page 7.




TABLE 1. MOS GROUPINGS

Group Rates

Aviation AD, AE, AM, ASM, AT
Administrative YN, SK

Technical EM, ET, FT, MST, ST, TT
Skilled HS, 8S, MU, PA

CG Professional BM, DC, GM, MK, QM, RD, RM

MOSs are grouped for two reasons. MOSs within the same
group have similarities that should cause them to exhibit
common attrition behavior and hence have common survival
probability values. The MOSs within each category all have
several common attributes; specifically, the type of training
needed to acquire the MOS, the type of duty or jobs associated
with those MOSs, and the possible civilian employment
opportunities available for persons with these MOSs. MOSs are
also grouped to increase the personnel inventory within each
paygrade required for a survival analysis. Chapter 1II
contains an explanation on these MOS groups and examines the
data used in this study.

For most MOSs stocks are large and empirical survival
probabilities can be used. Modelled survival probabilities
are needed if personnel stocks are smaller than preferred.

Small personnel stocks are subject to large data variability;

models are developed to provide stability. Paygrades E-8 and




E-9 could be considered too small to use empirical survival
probabilities, thus regression models are examined in Chapter
IV for these paygrades.

A model that projects an expected number (and variance) of
monthly attritions will be developed and demonstrated in
Chapter V. This model is based on principles of the Binomial
distribution. Paygrades will be partitioned several times to
produce multiple binomial experiments £rom which expected
values and variances can be calculated. The product limit
estimates generated by the survival analysis will correspond
to the probabilities of success assoclated with a binomial
experiment,

Finally conclusions and recommendations are contained in
Chapter VI. Since thie is the first time in recent years that
enlisted attrition has been viewed using operations analysis
tools, most of the conclusions should be unique. It 1is
expected that additional studies utilizing more refined data

will be needed to better understand, analyze, and predict CG

enlisted attrition.




II. DATA OVERVIEW

A. POPULATION

Data for this thesis were provided by the CG Pay and
Personnel Center located in Topeka, Kansas. The data were
provided in two sets. The first set contained individual
personnel records for all persons who separated during FY 91
(1 November 1990 - 31 October 1991). The second set contained
individual personnel records for all enlisted persons who were
on active duty the last day of FY 91 (31 October 1991). This
second data set is in a sense a "snapshot" of the GC EM
composition on 31 October 1991. In both data sets each
personnel record contained the persons sex, MOS (if
applicable), rank, marital status, ethnic origin, date of
current enlistment, and date of separation (if applicable).
Each persons length of service (in months) can be calculated
from the data entries date of current enlistment and date of
separation. It should be noted that the entry, date of
current enlistment, did not necessarily correspond to when the

person first joined the CG. This affects the calculation of

a persons time in service. In certain cases the CG allows an
EM to separate from the CG and then allows the person to
rejoin the CG in the future at his or her past paygrade. Such

persons’ past service time is not ignored. The person




maintains all accumulated service time for pay and retirement
purposes, This condition was not reflected in the data
provided for this study. There are numeroug records of
senior EMs having relatively little time in service when in
all likelihood they have quite a bit of service time. This
situation is most prominent in the survival analysis results
of Chapter III. Appendix A contains procedures and Fortran

programs needed to access and use the data.

B. LIMITATIONS

Analyzing only one years amount of personnel data presents
two problems. The first and foremost is that the data lack
temporal stability. More than one years worth of data is
required to provide stability. Attrition study conclusions
and modelling results based on unstable data are not as
reliable as if they were based on time tested data. Secondly,
the data may not have been as reliable as preferred because
data inputs could not be verified. The FY 91 data were placed
in storage by the Coast Guard PPC and were not accessible
during the study. Recommendations contained in Chapter VI

address these shortcomings further.

C. MOS8 GROUPS
As stated in Chapter I MOS groups were formed because of
commen attributes associated within each group. These

attributes are listed in this section.
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1, Aviation
Individuals with aviation MOSs have common A-school
characteristics and common duty stations. (The CG has three
basic types of duty stations: ashore, afloat, and air
stations.) The aviation A-schools (specialty school) waiting
lists are relatively long compared to the other MOS groups.
This lengthens a persons service time in paygrade E-3, thus
increasing the amount of time needed for promotion to E-4.
Unlike many MOSs, individuals within this group are limited in
their types of duty stations. They spend most of their entire
career at CG air stations.
2. Administrative
These MOSs are again grouped because of thelr A-school
characteristics, choice of duty locations, and possible
civilian employment opportunities. The administrative A-
schools have short waiting lists and short school durations.
Promotion to E-4 in this MOS group is relatively fast compared
to other groups. Administrative persons also can serve in
almost any CG duty station or command. Since these persons
skills are mainly clerical in nature it is felt that their
civilian employment opportunities are limited.
3. Technical
Persons with technical MOSs share the same type of
characteristics as the administrative MOS group, but with two

opposite attributes. Their A-schools have long waiting lists,

11




are long in duration, and have low graduation rates (as
compared to the other MOS group A-schools). Like the
administrative group, persons in this group can serve in
almost any CG command. However, unlike the above group,
technically grouped persons probably have more civilian job
opportunities.
4. 8killed

This group is characterized by thelr scope of possible
civilian employment opportunities. Persons within this group
probably have marketable skills, possibly not as marketable as
the technical group but more marketable than any other rate
group.

5. CG Professional

This group i1s characterized by MOS obtainment and
employment opportunities. As discussed in Chapter I, MOSs are
obtained by graduating from an A-school or by completing an
on-the job training program, This group is the only MOS group
that incorporates on-the-job training programs for a number of
their MOSs. MOSs are also designed for CG specific functions
(ie. shipboard machinists, CG weapons technicians, Shipboard
navigators, etc.). These s8kills have 1limited wvalue for

civilian employment.

12




D. SUMMARY OF PERSONNEL STOCKS

Table 2 provides a summary of personnel stocks

partitioned by the rank, sex, race, and marital status for all

CG EMs who were on active duty as of 31 October 1991.

TABLE 2. ACTIVE DUTY PERSONNEL STOCKS FY 91
Pay- Total Male Female | Cauc. Non- Mar. Not

|_grade Cauc. Mar.
E-1 732 622 110 585 137 68 664
E-2 3383 3027 356 2776 607 622 2761
E-3 3651 3358 283 3031 620 1256 2395
E-4 7064 6364 700 6043 1021 3641 3423
E-5 5904 5410 494 4830 1074 4278 1626
E-6 5748 5427 321 4878 870 4805 943
E-7 2764 2696 68 2436 328 2436 328
E-8 569 564 5 501 68 517 52
E-9 289 289 0 256 33 270 19
Total | 30,104 | 27,757 | 2347 25,346 | 4758 17,893 | 12,211

Note that race is divided into two categories: caucasian

and non-caucasian,

the total EM population) minorities in the CG.

There are relatively few (as compared to

All minorities

were grouped to increase the personnel stocks within the race

category.

dominated service.

As can be seen the (G is a male,

caucasian

Table 3 on page 14 provides the same

statistics for Coast Guardsmen who separated during FY 91.
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TABLE 3.

PERSONNEL STOCKS FOR PERSONS SEPARATING DURING FY 91

Pay- Total | Male | Female | Cauc. | Non Married Not
| grade Cauc. Married
E-1 779 637 142 601 178 83 696
E-2 522 438 84 429 93 115 407
E-3 831 731 100 712 119 276 555
E-4 1248 1094 | 154 1079 169 602 646
E-5 438 398 40 402 36 281 157
E-6 385 369 16 348 37 317 68
E-7 315 305 10 271 44 277 38
E-8 79 77 2 73 6 73 6
E-9 46 46 0 45 1 39 7
Total | 4643 40595 | 548 3960 683 2063 2850

Approximately the same proportions of males to females,

caucasians to non-caucasians, and married persons to persons

not married separated from the CG as did those who did not

separate during FY 91,

Table 4 on page 15 provides on a summary of pergonnel

stocks for FY 91 active duty personnel by MOS group.

14




TABLE 4.

FY 91 ACTIVE DUTY PERSONNEL STOCKS BY MOS GROUP

| Paygrade | Aviation | Admin, Technical | Skilled CG _Pro.
E-3 20 41 84 71 333
E-4 1142 870 1031 715 3206
E-5 921 949 781 490 2763
E-6 748 899 837 527 2737
E-7 262 353 452 260 1437
E-8 77 88 88 55 251
E-9 43 40 38 18 150
Total 3213 3340 3321 2136 10,877

The numbers in paygrade E-3 are small because not all E-3s

have an MOS.

belong to the CG professional MOS group.

the aviation group;

14% belong in the technical group;

skilled rate group.

roughly the same.

statistics for personnel who separated during FY 91.

Overall approximately 48% of all personnel
About 14% belong in
15% belong in the administrative group;
and 9% belong in the
Percentages within each paygrade are

Table 5 on page 16 provides the same




TABLE 5. FY 91 SEPARATION PERSONNEL STOCKS BY MOS GROUP

[ Paygrade | Aviation | Admin. Technical | Skilled CG Pro.
E-3 1 5 12 23 65
E-4 75 187 180 100 733
E-5 26 49 91 26 246
E-6 31 46 51 36 221
E-7 22 51 23 26 193
E-8 11 15 14 8 31
E-9 3 6 3 3 31
Total 169 328 373 221 1518

E. DATA PARTITIONING
The data was partitioned by rank to form 9 paygrades.
Bach paygrade was further divided by the personnel
characteristics sex, race, marital status, and MOS groups
listed in Table 1 on page 7.
1. Paygrades E-1 and E-2
These paygrades were divided by the sex, race, and the
marital status of the individual. Marital status indicated
whether or not a person was currently married.
2, Paygrade E-3
In addition to the above, this paygrade was
partitioned by the obtainment of an MOS. The person either
had obtained one of the MOSs listed in Chapter I or had not

(nonrated) .

16




3. Paygrades E-4 through E-6
These paygrades were also partitioned by sex, race,
and marital status. Additionally they were partitioned by MOS
groups,
4. Paygrades E-7 through E-9
These paygrades were di;ided by race, marital status,
and MOS group. Sex was not examined because of the scarcity

of females in these paygrades.

17




III. SURVIVAL ANALYSIS

A. INTRODUCTION

As stated in Chapter I, survival analysis provides a
method for analyzing censored failure time data. Faillure
times in this study refer to the number of months a person
gerves on active duty prior to separation. Failure times are
assumed to be discrete and are rounded up to the next whole
month figure. For example, if a person separates after 31
months, six days of service his or her failure time is 32
months., This chapt;r reviews the theory of survival analysis
and graphically compares survivor functions of individual
paygrades that have been partitioned by single personnel
characteristics. Appendix C contains the SAS LIFETEST
procedure and Fortran code required to estimate the survivor

functions.

B. COMPUTATION OF SURVIVOR FUNCTIONS

Let T be a nonnegative random variable representing the
separation time of an EM from a homogeneous population. The
survivor function is defined to be the prcobability that T is

at least as great as some time, t,

18




S(t)=mPr(Tet); 0 s £t € o, (3.1)

From a simple random sample, this can be estimated by

8(t)=1-( number of cbservations with fallure time < £y, (3.2)
total number of observations e

If T is a discrete random variable taking values x, < X, ... <

%, with associated probability function f(x) = Pr(T=x), then
J
S(t)'gf(xi)ﬂ(xi"t)p (3.3)

where H is the Heaviside function, H(x)={0 if x<0; 1 if x=x0}
[Ref. 1:pp. 5-7].

The presence of censored data, however, weakens the
estimation of the survivor function in the right tail. All
that can be safely assumed about an observation censored at
time t is that the unobserved failure time is greater than t.
This condition is relieved by using an alternate formulation
of the survivor function using hazard rates. For discrete
random variables, the hazard rate, \,, is the probability that

the observation will immediately fail at time t given is has
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survived to time ¢t. In the discrete case this can be

estimated by

) number of observations that fall at t

t™ Rumber of observations with failure time > ¢ (3.4)

Using hazard rates [Ref. 3], the survivor function may be

expresged as

stey= T (1-ayp, (3.5)
lixyst
where A is the hazard rate at x, for ie1,...,j. Estimating A

would allow an estimation of the survivor function, 8(t).
Chapter 2 of Reference 1 contains a detailed explanation of

the computation of the estimated survivor function.

C. SURVIVAL ANALYSIS RESULTS

In all paygrades the marital status characteristic and sex
characteristic behaviors were identical; married persons
appeared to have a higher probability of survival than those
who were not married, and males tended to have higher survival
probabilities than did females. (See Figures 1 and 2 on page
40.) Non-caucasians in paygrades E-3 through E-9 had higher

survival probabilities than did caucasians. Results for other

characteristics are given below.




1. E-1
Caucasians and non-caucasians have about the same
survivor functions until about two months. After two months
caucasians tend to have higher survival probabllities. (See
Figure 3 on page 41.)
2, E-2

Caucasiane had higher survival probabilities than did

non-caucasians up to about 20 months. (See Figure 4 on page
41.) After that non-caucasians had higher survivor
probabilities. Also note the significant drop in

probabilities at 24 months. The CG for a brief time allowed
two year enlistments, This drop corresponds to enlisted
persons separating at the end of a 2 year enlistment.
3, &-3
Individuals possessing an MOS had higher survival
probabilities than did nonrates after 22 months. (See Figure
5 on page 42.)
4. E-4 and B-5
The aviation MOS group in both paygrades had the
highest survival probabilities and the technical group had the
lowest. The remaining three groups survival functions fell in
between the aviation and technical survivor fuuctions. (See

Figure 6 on page 42.)
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5. E-6
All MOS groups in this paygrade were very similar as
shown in Figure 6 on page 42. All had very high probabilities
of survival and all were very similar in shape. Again the
aviation group had the highest survival probabilities.
6. EB-7, E-8, and EB-9
The survivor functions in all three paygrades appeared
fairly flat with slightly decreasing slopes until about 220
months. (See Figure 7 on page 43.) After 220 months all
survivor functions decreased at about the same rate., All
survivor functions within these paygrades are characterized by
high survival probabilities with the aviation group having the
highest probabilities of survival.
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IV, MODELLED SURVIVOR FUNCTIONS

A. INTRODUCTION

Regression models are typically used to model survival
experiences from homogeneous populations [Ref., 1]. These
models allow for faillure times to be dependent on observed
explanatory variables. These explanatory variables can be
either qualitative or quantitative. Two common regression
models are the exponential regression model and the weibull
regression model. Weibull regression models will be
constructed and analyzed for paygrades E-8 and E-9. The
primary reference for this chapter is Chapter 2 and Chapter 4

of Reference 1,

B, WEIBRULL REGRESSION MODEL
1. Weibull Distribution
The Weibull distribution is a generalization of the
exponential distribution that allows for a power dependence,
p, of the hazard of time. The Weibull distribution is in fact
an exponential distribution when p=1. The probability density
function (pdf) of the Weibull is

F(t)=Ap(At)Plel-(A8)P  fFfor t20. (4.1)

The hazard function is
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A{t)=Ap(At)Pt (4.2)

and the survivor function is

S(t)mg!-(At)®) | (4.3)

A convenient check to verify that data fits the
Weibull distribution is to plot the log[-log 8(t)] versus log
t(8(t) is the empirical estimate of the survivor function).
If the data can be fitted by the Weibull distribution, the
plot should provide a relatively straight line with the slope
of the line roughly estimating the value of p.

2. Log-Linear Regression Model

The Weibull distribution can be generalized to obtain
a Weibull regression model by allowing the failure rate to be
a function of a vector of qualitative personnel
characteristics, X. In this application X is a row vector
consisting of the binary variables X, uuws Xeimniswsiver Xtechnioar Xskilleds
and X Which take on a value of 1 if the observation
falls into the subscripted category, and are 0 otherwise.

If the conditional (on X) hazard is

A(t]|X) =mAp(AE)Pla¥

24




then the conditional density of T is

£(t|X) =Ap(At)P-leXg-itre®] (4.4)

where B=(8,,...,B,) 18 a vector of regression parameters. In

terms of Ywlog T, equation (4.4) is the linear model

Yeq + XB°+ oW (4.5)

where a=-log A, ow=p!, @'=-08, and W has the extreme value
distribution. In equation (4.5) the personnel characteristics
act additively on the time sgcale, vice multiplicatively in
equation (4.4). [Ref. 1]
3. Modelled Surviver Function
Equation (4.5) is known as an accelerated fallure time

model. It is characterlized by the scaling of the fallure time

T=e-¥T,

where T, is a failure time from a baseline when the values of

X are all zero. Using this time scaling the modelled survivor

function is




S(t) me- (4.6).

In equation (4.6), 8S(t) can be estimated by inserting
appropriate values for X and t, and estimated values of 8, A,
and p. This will produce a modelled survivor function which
can be plotted to produce curves like those in Chapter III.
If this modelled survivor function is similar (in shape and
magnitude) to the empirical survivor function, then the model
can be used. If it is not similar, then it possibly should

not be used.

C. RESULTS

The partitioned data sets were regressed using the SAS
LIFEREG procedure [Ref. 4] to obtain estimates for 8, A, and
p. These values along with appropriate values for X were
inserted into equation (4.6) to estimate modelled survivor
functions. Figures 8 through 13 on pages 43 through 46
contain plots of these modelled functions against empirical
survivor functions. Generally the modelled survivor functions
do not fit the data as well as desired.

Nonetheless, modelled survivor functions for these two
paygrades will be used pending the development of sharper
alternatives. The partitioned data sets are so small, it is
felt that a model will produce the most reliable and gtable

probability estimates.
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V. BINOMIAL COUNTING MODEL

A. INTRODUCTION

The Binomial Distribution provides a means for calculating
expected values and variances of sums of random variables that
have one of two outcomes: success or failure. This study is
concerned with estimating the number of enlisted who separate
on any given month (or conversely the number who do not
separate). This chapter develops a simple model, based on
principals of the Binomial Distribution, that calculates
monthly survival figures per paygrade, and provides an example
of how the model works. The primary reference is Chapter 3 of

Reference 5.

B, BINOMIAL DISTRIBUTION
A binomial experiment is an experiment that possesses the
following properties:

- the experiment consists of n identical trials,

- each trial results in one of two outcomes, a success or

tailure,

- the probability of success on a single trial is equal to

p and remains the same from trial to trial,
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- trials are independent, and

- the random variable of interest is Y, the number of
successes in n trials. The expected value of Y is
E(Y)=np, where n is the number of trials and p is their

corresponding probability of success. [Ref. 5]

A person separating from the CG meets these standards and
can be considered a Barnoulll trial. Each term trial results
in one of two outcomes. A success 1§ marked if the person
does not separate, a failure when the person leaves the CG.
The product-limit-estimate of the survivor function provides
the probability of a person surviving to and beyond a time, t;
P(Tat) for tml,...x, This probability estimate remains the
same for each trial (ie. for all persons with length of
services equal to time ¢t). The decision by a person to
separate (or the CGs decision tc separate a person) is not
affected by another persons choice and thus independent of any
other persons decision. And finally, Y equals the number of
persons not separating within a paygrade who have survived
beyond a time t. Using these definitions a basic model can be
constructed that generates an expected value and variance for

the number of persons that do not separate on a given month,
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C. COUNTING MODEL

Paygrades are partitioned in two steps to form data celis
that consist of independent and identical trials required of
the Binomial Distribution. The first step separates each
paygrade into the single personnel characteristic examined in
the survival analysis. These will be called sets. The second
step further partitions the paygrade by the amount of time
each person has served, or Time in Service (TIS) cells.
Figure 14 provides a tree diagram example of this partitioning

scheme.

PAYGRADE

U

CELLr

"

CELLr

Figure 1l4. Counting Model Partitioning Scheme

T is the maximum TIS any cone person has within each set.

Paygrades E-1 and E-2 are partitioned by race to form two data




sets each; paygrade E-3 ig partitioned by MOS obtainment; and
paygrades E-4 through E-9 are partitioned by MOS group. Each
cell has a corresponding probability of success, p, (either
estimated from the actual data or generated by a model) which
was defined in Section 4.D.1 to be the probability of survival
being greater than or equal to t. Given n;, the expected
number of persons who fall into cell j, the expected number of

successes (persons that do not separate) in each cell is
E(Y)=np, ; j=1,...,T. (4.7)
The cell variarce is

Var(Y)) =npq (4.8)

where gm=1-p;. The expected number of successes within each

set is the sum of the cell expected values

T
E(Y,) =Y E(Y) (4.9)
J=
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and by summing cell variances the set variance is

T
var(y,,) =Y var(y) (4.10)
Jr

The expected number of successes per paygrade is calculated by
summing set expected values. Paygrade variance is the sum of
all set variances.

Appendices C and D contain procedures for generating

product limit estimates which correspond to the ps.

D, EXAMPLE

Data from paygrade E-1 is used to illustrate this counting
model. Paygrade E-1 contains 2 paygrade sets. Set, contains
records for caucasiang and Set, contains records for non-
caucasians., Table 6 and Table 7 on page 32 contain frequency

counts of the number of persons falling within each cell per

set.,
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TABLE 6.

PAYGRADE CELL FREQUENCY COUNT CAUCASIAN E-1

Month Freq | Month Freg “
2 27 1 39 3 “
|F 2 339 12 3 30 2 40 2
3 148 15 3 31 1 42 2
4 8 16 2 32 1 43 1
5 2 21 4 34 1 48 1
6 1 23 3 36 1 60 1 1'
“ 7 1 25 2 38 1 >60 5 “

TABLE 7. PAYGRADE CELL FREQUENCY COUNT NON-CAUCASIAN E-1

Month Freq | Month Freq | Month Freq | Month Freq
1 2 4 6 16 1 52 1
2 87 13 1 18 1 »52 0
3 35 14 1 20 1

Tables 8 and Table 9 on page 33 contain the estimated p, values

for each data sets.
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TABLE 8.

PROEEFT LIMIT ESTIMATES PAYGRADE E-1 CAUCASIAN

Month P Month P Month P
1 .88 15 .36 27 256
2 . 645 16 . 345 28 .243
3 .5 17 «337 29 .23
4 .468 18 .33 30 .225
5 .441 19 .326 31 22
6 .431 20 .318 32 .21
7 424 21 .314 33 .2
8 417 22 .294 35 .2
11 417 23 294 36 ol
12 .393 24 .286 48 .1
13 .389 25 .265 61 .05
14 .375 26 256 62 0
TABLE 9. PRODUCT LIMIT ESTIMATES PAYGRADE E-1 NON-CAUCASIAN
Month P Month P Month P
1 .889 13 .225 37 .107
2 .646 14 .213 39 .107
3 444 15 173 40 ,0BY9
4 .403 16 173 43 .089
5 .368 17 .173 44 .071
6 344 18 .159 48 071
7 344 19 .159 45 .054
8 .332 20 .143 64 . 054
10 .332 30 .143 65 .027
11 . 249 31 .125 66 0
12 .249 36 .125
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Substituting f); the values from tables 6 and 7 for the n
values and p, the estimated probability values from Tables 8
and 9 into equation (4.9), the estimated expected value of

each set is

60
B(v)) =Y AP =353.475
I

52
B(y,) =Y A$=76.905
il

where set; corresponds to caucasians and set, corresponds to
non-caucaslans. Using equation (4.10) the Var(y,) = 129.5 and
Var(y,) = 30.97. The overall paygrade estimated expected

value and variance is the sum of the set values

2
B(Y.) =Y B(v)=430.38
fu]

]
VAar(Y, ) =Y Var(Y) =160.47.
fs)

For working purposes these values are rounded down.
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VI, CONCLUSIONS AND RECOMMENDATIONS

A. CONCLUSIONS

There are approximately 30,100 enlisted persons in the CG
at any given time. A method is needed to predict monthly
attrition rates to maintain the CG enlisted hierarchical
structure. Survival analysis was used to examine <the
characteristics of sex, marital status, race, and MOS group
behavior of CG enlisted personnel. The results were fairly
interesting. Males and married persons tended to have higher
probabilities of survival than did females and individuals who
were not married. Non-caucasians in most of the paygrades had
higher survival probabilities than did caucasians. MOS groups
demonstrated different characteristic behaviors among
different paygrades. MOS groups in paygrades E-4 and E-5
behaved about the same up to 48 months. After 48 months all
groups showed a rapid decline in survivor probabilities with
the aviation group having the highest probabilities and the
technical group having the lowest. This drop is indicative of
the end of a four year enlistment when individuals can usually
separate from the CG. MOS groups in paygrades E-6 through E-9
all had very high probabilities of survival and demonstrated
a decline at certain months. E-6 showed this decline at about

200 months and E-7 through E-9 demonstrated this at about 240
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months. The drop in probabilities at 240 months is easily
explained. Many Coast Guardsmen retire at 20 years and
receive a substantial pension and many important benefits (ie.
medical coverage for the person and his or her dependents).
The drop at 200 months in paygrade E-7 is an anomoly. An E-7
at this point in his/her career has almost 17 years of service
time and has only about three more years to serve before
retirement. Separating at 17 years seems to be financially
inappropriate because the person will not receive a pension
nor benefits if they separate.

Modelled survivor functions were developed for paygrades
E-8 and E-9 because these paygrades possessed small population
sizes. Despite the fact that the models produced generally
poor fits, it was felt that these survivor functions would be
more reliable than survivor functions generated from very
small data sizes. Therefore models were used to calculate
attrition in paygrades E-8 and E-9.

The binomial counting model provides an effective tool for
calculating monthly attrition figures. Expected values and
variances can be calculated by partitioning each paygrade into
several binomial experiments. This model is easy to use and

can be expanded in future studies.

B. RECOMMENDATIONS
As a first study the goals of this thesis were met.

However further studies are required to better analyze CG
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enlisted attrition. The counting model could be adjusted or
refined based on findings from the recommendations listed in
this section.
1. Recommendation 1
The counting model needs to be verified. Personnel
data from early months of FY 92 need to be processed through
the model to verify that it provides better results than the
current calculation method.
4. Recommendation 2
Additional historical data needs to be analyzed to
provide temporal stability to the study. The counting model
produced in this study assumes that the characteristic
behavicrs of individuals identified in FY 91 will repeat
themselves in FY 92.
3. Recommendation 3
A more manageable data base needs to be identified
that allows for accessible man-machine interface. An
accessible data base allows the analyst to verify, manipulate,
and easily examine data entries as an on-going task. This
provides data reliability. The CG PPC is not responsible for
maintaining this type of data base, thus PWP should examine
this issue,
4. Recommendation 4
Individual MOSs within MOS groups need to be examined

to ensure they demonstrate similar attrition behaviors.
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5. Recommendation 5
Combined personnel characteristics need to be analyzed
for survival behaviors and seasonal attrition trends need to
be examined.
6. Recommendation 6
The data base needs to be extended in time. At
present there i1s no Justificaiion for assuming time
homogeneity of rates. Such an extension would alsoc allow the
study of some important exogenous variables, such as
unemployment rate and inflation.
7. Recommendation 7
The educational levels of Coast Guardsmen should be
analyzed for their effect on attrition behaviors. High school
graduates, alternate high school degree holders, and nen-high

school graduates need to be considered to determine if there

are differences in attrition behaviors amongst these groups.




APPENDIX A. PROCEDURES FOR ACCESSING DATA
1. Data is stored on twoc magnetic disks. To access disks:

a. login to mainframe computer
b. type "getmvs mvs2l5 (separation data tape)" or
"getmvs mvs2l17" (active duty data tape)

2, To run a program that has a huge output file, ie. a file
that will not fit on an A-disk:

a, type "tdisk 6" to get a temporary disk with 6
cylinders

b. switch A-disk with temporary disk ( say temp disk was
assigned "D 130"
1. type "access 130 A"
2, type '"access 191 D"

c. co%i afogram from the now D-disk to the newly created
A-dis

d. run program

e, switch digks back when finished by reversing procedure

in 2.b
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APPENDIX B. FIQURES

PAYGRADE E~1 BY MARITAL STATUS
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Figure 1. Survivor Function Paygrade E-1 by Marital Status
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Figure 2. Survivor Punction Paygrade E-4 by Sex
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SURVIVAL FUNCTION PAYGRADE E=3 BY RATE

& r—aniggseecearens .

o
l ] L wRATED |
. ==NONRATED
i )

gk

- 3

L
oli i —— . : :

[1) )
LENGTH OF BERVCE IN WONTHE

Figure 5. Survivor Punction Paygrade E-3 by Rate Obtainment

SURVIVAL FUNCTIONS BY RATE GROUP
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Figure 6. FPaygrades E-4, E-5, E-6 by Rate Group




SURVIVAL FUNCTIONS BY RATE GROUP
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FPigure 7. Paygrades E-7, E-8, E-9 by Rate Groups
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Figure 8., Model Fit Paygrade E-8
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Figure 9. Model Fit Paygrade E-8
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Figure 12. Model Pit Paygrade E-9
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APPENDIX C.

PROCEDURES FOR GENERATING SURVIVAL FUNCTIONS

Ficks LIPETESY cODE2 AY

TITLE'R=3 DY RACK' /u TNIS BAS CODE YAXKES A DATA SET AND OENENATES
SURVIVOR PUNCTIONS BOR TME DATA. THIS CODE WAS USED FOA PAYORADL K-f
AND CALATES SURYIVAL FUNCTIONS FOR CAUCASIANS AND NON-CAUCAS [AND 87y

DATA PO2:

INPUT RATE RANK SEX AGE MAR RACE MONTHS CEN /0THIS LINE DEFINCS THEK
VARIADLES KITHIN THE DATA SRT,8/)

OROUP VIRACE SR ) /0THIN SEPARATES ALL CAUCASIANS FROM NON-CAUCASIANS,
$ IADICATES CAUCASIAN, TMIS SPLITS TME DATA 3ET INTO 2 $ET1 | CONTIANS
CAUSASIANS ) THE OTHER CONTAINS ALL OTHER MINORIT|TE3.0/)

CARDS /0TELLS $AS THAT THE DATA SET POLLOMS. DATA SET WURT BE PLACKD
IMPEDIATELY AFTER THIS LINE APTER THE SEMICOLON, AND MVET MAVE A
SEHICOLON PLACKD IMMEDIATELY APTEN THE LAY RILE. 0/

1

PRUC LIFETEST PLOTA(Y) MAKTIME 140 OUTSEAVAPOIEST /aTHIS I8 THE MAIN CODK
17 CALATES A SURVIVAL PUMCTION PLOT (8)s AND LIMITS THE X<AX]S OF WK
PLOT TO <O MONTHE, ALSO STORT THE PRODUCT LIMIY BSTIMATEY IN 4 A3 PILE
CALLED POXEIT 0/

TIME HONTHOSCEN(1) 20DERINES THE TINE VARIADLE (MCNTHE): AND $ETS THE
CRMGCKING VARIABLE WITMIN THE DATA KT EQUAL YO | o/

STRATA GAOUP /aPLAFOAMS THE PROCEDURE ON ALk DEFIRED GAOUPS, IN THIS CASL
THEAG ARL OMLY 2 GROUPSN/ |

PROC PRINT DATASPOIEST /SPRINTS THE DATA SET POIEST INTO A CH3 FliKe/y

PILE: LIPETEST CODE Al

TITLE'PAYORADE €+9 BY NATE OAOUP ' /eSAME AS PAEVIOVS CODE [$111¢

IT DIVIOES THE PAYGRADE INTO § GROUPS) | POR EACH MOS OROUP, GAUW |

19 THE AVIATION PROPLE, ZsADMIN (BaTECMNICAL: CabRILLBD $2CO PRO 8/ 4
v

bata #0%

THPUT RATE RANK SEX AGE MAR RAGE MONTHS CENt

1F RATE S0 IRATEIATCINATEIS2OIRATE S SO IRATE«ABO THEN OPs LI

CLSE IF RATELJO0INATR 430 THEN OPr )

ELLE IF RATEA290NATEIB0 IRATERIGOIRATE ¢ IRATESQ40IRATE 20O THEN GPels

TSl 1P RATEASO0 IRATEID4OINATESOD THEN OP 14

ELLE 0P8 "
Canbys K
]

PROC LIFETEST PLOTo(S) MAXTINES300 OUTSERVEPOIEST)

TImML WOMTHISCENL] )

STRATA 0P

PROC PRINT DATASPOIEIST) \




D OO DNDIN OO0 NN

PAOORAM MIDFIT2

THIS PROGPAN QENERATES MODELLED PRODUCY LIMIT [3TIMATES FOR
PAVORADES WHICH HAVE BCEN PARYITIONED 8y § MOS OROUPS) AVIATION:
ADMINIETRATIVE, TECHNICAL, SKILLED. CO PROFESSIONAL, T WSES AS
INPUY RECAESSION COLPRIGIENTS (BETAL THROUOH BETAIS). $HAPE
PARAMETLAS (F) AND P21e SCALE PARAMETERS (LAMBDA! AND LAMRDAR).
AND A TIME PARAMEYRR (7], THIE PROGRAM IS ALSO DESIONED TO MOAK
ON DATA TWAY FIY A § PIECE MEIBIAL. VARTABLES BETA! THRY BETad.
P1. AND LAMEDA] ARE VALURS POR THE FIAST WEIDWL PILCR 1P 14 THE
TIME VALUE OF SMERL THE RIAST DREAR OCCUMS). VARTABLES $ETAS THRV
BETAS, P2, AND LAMBDAZ (AND M) CORMESPOND TO THL SKCOND PIECE,
VARIABLES BETAS THRY BETALZ, PE. LAMDOA] (AND N) CORREEPOND TO THE
LAST WEIPWL PLECE,  VARIABLE SCTA1S TOUALY 2ERC AND CORRESPONDS
Yo THE CO PROFESSIONAL CORFFICIENT, THE VARIADLE SHAY 1§ TME
WODELLED PAODUCT LINIY RSYIMATE: SMAT! FOR THE AVIATION WOS
OROLP, GNAT2 FOR ADNIN OROUP, SHAT) POR TECHNICAL GROUP, SHATS FOR
TWE SKILLED OROUP, AND SHATS FOR THE CG PRO GROUP. SMAT VALUES AN
CALCULATED FOR TIMT PERIODST, (Teli (o NYy WHENE N JA THE LAST
TIME VALUL NEEDED POR THE PAYGRADE,

THE ESTINATES ARE WRITTEN ON THE CMB PILES| PYSEPE0L. RTOORDO),
AND PT90ROO1,

11
n

INTEQER 1. MNP

REAL LAMBDAL 91 BETAYBETAY WETAS DETAG PETAS ,DETAYY
REAL LAMBDAZ (P2 RETAG BETAT,DETAD. DETAS. DETAIO PETAIL DETAJ2 ¢
REAL SMAT) . GHATE  SMATI AMATA SHATS LAMEDAS P}

FOLLOWING ESTAPLISMEY ALL VARIABLE VALWKS.

PARAMTTIER (Me |0, LAMIDATS 1007 JP)ud.408)

PARAMETER (DETAIVG 0 0ETAZe~ 1930 DETATo-, 0813, 0LTA4 s+, 3102)
PARAMEIER{Nv 200 (LAMNDA®0. 00005 (P24, 438)

PARAMETER(DETAS -, 0348 DETACR 11 H.BETAY v 0819, 0LTA004 .78 %¢)
PARAMRIER (Ped20,LANIDAS, 002D 40300, 0834 )
PANAMCTER(DETAY OX84 IETALO0. O30, 08YA 19,104 ,00TA 20-,1448)
PARAMETRRIDEYAIJ0.6 )

CALCULATES SHATL FOR FIRST MEJBULL PIETE,

BO 10 1ol M
SHATIeENP (= ({LAMBDALEIOEXP (=RETAL) )0 ep|))
SHATRWENP (o { LLAMROALVIOEXP L=BETAD ) )N NP)))
SHATSIEAP (= ((LAMBDAL W IoLXP (=BETAS))vaPL))
SHATEsRNP (o (ILAHBDAJ N ) SEKP(<DETAR ) )0ER)))
SHATSALNP (= ( (LAMBDA) 0 I0EXPE=BETAIE ) aup]))
NRITECOO, 9001 OMAT] SHATE (SMATT  BHATA  SHATS
CONT INUE

CALCULATES SMATS FOR SECOND WEIDWLL PlLCE.

DO 20 1aM+| N
SHAT | sE P (= ({LANBDAZVINEXP (-DETAS })UOPY))
SHATIWEXP (» ( {LAMPDASNLOEXPCoBETAL) JoemR))
SHATIAERP (= ((LAMRDAD @ [eENP (~RETAD ) )0ub2))
SHATG NP 1~ LILAMBDAZNIOEXP (-DETAS ) }¥spi))
SHATS oEXP (= ({LAHBRAZNIoRNP t-DETALS})N0RE))
MRITEIRS 9101 SHATL SHATY SMATS, SHATA  SHATS
CONTINUE

CALCWLATES SHATS FOR LASY PIgCE,

DO 30 JaNel,p
SHAT I sEXNP (= { LLAMDDAI [SENP (=RETAY ))0ep)))
SHATZvENP (- ((LARBDASS oEXP (-DETALO) IrunY))
SHATIoENP (= { (LAMBDASRISEXP (=BRTAL 1 ))09P}))
SHATEEXP (= { (LAMDDAJNLoEXP (~BETAIR) 80 20))
SHATS YEXNP - (1LAMPDASNIRENP(=BETALS)nepY))

WRETE(90, 910 SHATL SHATE SHATE, SHATA BHATS

CONTINVE

FPORMATUIN IS DL P PO DL P G GRS 4R R4




APPENDIX D. PROCEDURES FOR CONDUCTING REGRESSION ANALYSIS

PROGRAN REOPREP

¢ THIS CODE SEPARATEN A PAYGRADE DATA SET BY MOS GROUP AND CREATES € THIS 18 THE LAST PIECE OF THE MEIDWL,
€ DATA SETS NEEDED 70 CONDUCT THE $AS LIFEAZO PYOCEDVAEL, AGAIN THIS
€ CODE IS DESIONED FOR A 3 PLECK MEIPULL. THE 1BUT FILE (02) nat
€ COMTAINS THE PAYGRADE DATA SFT, 3 OUTSUT DATA SETS AL CALATED 10 IPRATE .20, $20 0N, RATE €9, 340 .OR. RATE .EQ.$70 .OA.
€ GOMFORNW 10 THE 1 PIECE MEIDULL . THE VARTABLE N 13 THE NUWIER OF ! RATE (B0, B30 (OR, RATE €0, $H0ITHIN
€ PILES IN THP PAYGRADL, WATTE(Z0.93) MONTHS .CEN
BLSTIF(RATE €9, 340 .OR. RATE .EQ. 420) THEN
INTEGER 1.N/RATE, MONTHS .CEN WRITELZD.04) HONTHS,CEN
3 PARAMETER (NS ¢40) CLSEIRIRATE (E0, 270 .OK, MATE .BQ. 240 0N, RATE ,E0. 100
OFENLZ FILES'POR DATA A') ' ! (R, MATR (EQ, 790 LOR, RATE .0, 140 (OR. RATE .EQ,
DO 10 lel N . 1 290) THEN
READIZ 921 RATE MONTHS \CEM : WRITE(28,98) MONTHS.CEN
BLSEIRCRATE (10, €70 O, NATE .EQ. $00 (OB, RATE Q. 940ITHEN
e THIS 1S THE FIRST PIECE OF THE WEIDWL WRITELIN,94) NONTHS,CEN
] st
1P (MONTHS (LR, 10) THEN WRETEZ01 971 HONTHE(GEN
IPORATE (£Q, 920 LOR. RATE .EQ. 340 .OR, RATE (10,370 ,OR, torr
| RATE BN, 3§30 (ON, RATE ,EQ. $30)THEN ENDLr
WRITELZ6)93) MONTHS CEN 10 CONTINUE
ELSEIFIRATE . £Q. 40 .OR, RATE ,EQ. 420) TMEN
: WRITECRG 940 MONTHS CEN € THIS I3 THE PORMAT FOR THE READ/INPUT STAYEMEN'S,
CLSEIFIRATE RO, 270 OR, RATE .EQ, 240 .OR, RATE ¥R, 100
1 O, RATL EG, 790 ,OR, MATL (EG, 160 0N, RATE (€0,
! £90) THEN )91 FORMATLIG LB IT L)
WRETE(ZO98) MONTHE CEN
CLSEIFLRATE CO, 870 (OR, RATE .E0. 300 0%, RATE .€Q. W40)THEN p IMESE FOMMAT STATEMENTS CREATE NECAEBSION DATA SETS. MONTMS IS TIR
TRLTR(IS 0] MONTHE CEN ¢ DEPENDINT VARIABLE AND 13 LOGATED IN YME BIAS? cOLU. THE
LLse ¢ PRECEDING COLMNS CONTAIN A 0 OR | IF THE PERION FALLS INTO OME
‘a;::mo.m MONTHS . CEN ) € UTF THE WOS OROUPS. (THE TH K3 GROUP 18 AS3UMED AND DOES WO $H0
L}
¢

IN THE DATA SET.

) THIT 13 TR SECOND PIECE O T MIAL. [} FWHATHI-".II.'l'nllv"'-Ilt‘o'-llo‘.'ull;ll’

[ " FOINAT(]!n".ll.’O'»llu‘l'01!-'#‘1“-'.%\!-“’

” ’Oﬂﬂlﬂllu"o“t'ﬂ'ul!v'ﬂ'ulll'l'-ll.“‘cll.ll)

”" 'OINAY“I-“'II-‘O'nlﬂ-"‘Illn"'nlll'l'vlllll’

[ 14 POINAV“IaHnlI-’O'-lla"'ll.»‘.'l“o'.'olll“’
END

ELSEIFIMONTHS (07 10 (AND, MOMTMS LE. 200)THER
IF(RATE LEQ. 8§20 .ON. RATE .EQ. %40 .OF, RATE .10.870 .OR.
| RATE .EQ. $30 ,OR. RATE .£0. 330)IMIN
WALTEL2Y.93) MONTHS . CEN
CLSEIFLIMATE .00, 340 .ON. MATE .EQ. 420) THEN -
WRITECST 94) MONTHS . CEN '
ELSEIP(RATE Q0. 270 .OR, RATE .EQ. 240 .DR, RATL .£0, 100
JOR, RATE EQ. 790 LOR, RATE .£Q. |4p .OR, RATE B0,
290) THEN
WRITELDY . 98) MONTHS,CEN
ELSEIP(RATE LEQ. 970 DR, RATE ,EC. 300 .OR, RATE .EG. $40)THEN
WRETR(27.96) MOMTHE (CEN
[ {%1
WRPTEL27,97) MONTMS,CEN
EnNDIP
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FILE: LirEnts rove Al

TITLE'ARCAESSTON OUTFUT PAYGRADE T-6' /o343 CODE PERFONMS A PEIRFSSION |
O CENSORED DATA. OENERATES REGRESSION COLFFICIENTS, SHAPL AND SCALR
PARAMETERS. OVTPUT 18 VERY SMALL, */

DATA POKY

INPUT WONTHS AVIATION ADMIN TECH SXILLED CEN: .
CARDSy

t

PROC LIFERLO OUTESTeMODEL

CLASS AVIATION ADMIN TECH SKILLED /38818 THE YARTABLES AVIATION,ADMIN,
TECH) AND SKILLRD AS CATEOORICAL (0 OR 1) VARIABLES o/

MODEL MOMTHSSCEN(IJ9AVIATION ADMIN TRCH SKILLED/DISTINEIDNL /°SETS TME
DEPENDENT VARTABLE EQUAL TO MONTM, SETS THE CENSORING VARTARLE.CENe,
SUTS YWD INDEPENDENT VARIABLES KOUAL 10 AVIATION, ADMIN, TECH, SKILLED.
ESTADLISMES TME NEIDWLL AS THE PARAMETRIC DISTRIBUTION #/
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