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I. INTRODUCTION:

Epigenetic aberrations direct much of clear cell renal cell carcinoma (RCC) pathogenesis. Indeed, genes
fundamental to epigenetic programming are recurrently mutated in the disease. Despite the clear dependency
on epigenetic transcriptional regulation, large-scale investigation into the epigenetic mechanisms underlying
RCC have lagged behind genetic studies. Our ability to now robustly perform chromatin immunoprecipitation
(ChIP) in primary kidney tumor specimens is enabling the first generation of comprehensive epigenomic
studies. These tools are enabling the production of large-scale epigenomic datasets in clinically relevant
samples, just as next generation sequencing facilitated tumor sequencing over the past decade. There is an
increasing appreciation of the role of the non-coding genome in cancer biology and we believe that one of the
next frontiers in treating cancer will be in the realm of epigenetics.

2. KEYWORDS:

Renal cell carcinoma, massively parallel sequencing, ChIP-seq, regulatory elements, transcription factors,
ATAC-seq, chromophobe renal cell carcinoma, papillary renal cell carcinoma, clear cell renal cell
carcinoma.

3. ACCOMPLISHMENTS:
o What were the major goals of the project?

= The ultimate goals of this proposal are to comprehensively characterize the epigenetic
landscape in advanced RCC in order to gain insights into key mechanisms driving lethal
disease, which can then be rationally targeted. The anticipated outcomes are that we will
identify areas of vulnerability (Aims 1) that are functionally relevant (Aim 2) and
ultimately can be rationally targeted. The aims of the proposal require specific domains
of expertise and to address this point, we have assembled an outstanding team with the
appropriate scientific depth to go from target identification to analysis of function.

= Aim 1 will generate the most comprehensive epigenomic ChIP-seq datasets to date in
advanced RCC. Aim 1 will also use HiChIP, combining chromosome conformation
analysis with ChIP to link the regulatory elements with their target genes. Aim 2 will
utilize the powerful tools of genome editing to identify regulatory elements that are
functionally relevant in the development of metastatic RCC. The outcome of this study
will be a compendium of candidate regulatory elements that influence RCC progression.

o What was accomplished under these goals?
= 1) Major Activities:

= To examine the cistrome and to identify master TFs across the histologic subtypes of
RCC, we performed histone (ChIP-seq, the Assay for Transposase-Accessible Chromatin
using sequencing (ATAC-seq), and RNA sequencing (RNA-seq) on 42 fresh frozen RCC
tumor samples (24 clear cell (cc) RCC, 6 papillary (p) RCC, 12 chromophobe (ch) RCC).
Thirty-eight of 40 (95%) tissues were derived from radical nephrectomies.Patients were
grouped into two cohorts (1 and 2). We conducted H3K4me2 ChIP-seq to map both
active and poised enhancers and H3K27ac ChIP-seq to identify active promoters and
enhancers. ATAC-seq was performed to define the chromatin accessibility landscape, and
RNA-seq was performed to capture the transcriptional programs of each RCC subtype!.
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A total of 153 libraries were generated across the different datatypes. We generated RNA
seq, DNA-seq through targeted panel sequencing, and SNP profiling through SNP arrays
on 28, 28, and 21 patient-derived samples, respectively.

The resulting data set represents, to our knowledge, the most extensive interrogation to date
of RCC epigenomes in primary human specimens.

= 2) Specific Objectives:

- Profile the regulatory element landscape, including enhancers and promoters, across the
different RCC histologies

- Characterize epigenetic difference between different RCC histologies

- Identify histotype specific transcription factors governing cellular identity and
transcriptional programs

- Characterize reprogramming of regulatory elements during oncogenesis and distant
metastasis

= 3) Significant Results:

Using cohort 1 to assess the regulatory landscape across the different RCC histologies, a total of 153,321
promoter-distal (enhancer) H3K27ac ChIP-Seq peaks were identified across all the samples, most of which
(n=136,469) were common to two or more histologies (Figure 1A, 1B). For example, the PAXS locus is marked
by H3K27ac in all samples. PAXS is a transcription factor (TF) involved in early kidney embryogenesis and
oncogenesis in RCC?? and is a clinical diagnostic tool to help differentiate RCC from other malignancies*
(Figure 1C). Unsupervised hierarchical clustering (Figure 1D) and principal component analysis (PCA) of
H3K27ac peaks clearly segregated the three histologic types of RCC, and both analyses demonstrated that the
H3K27ac landscape in chRCC was more distinct than either pRCC or ccRCC. 16,852 peaks were significantly
increased or decreased in one histology compared to the other two (e.g. chromophobe versus clear cell and
papillary) (false discovery rate (FDR) of 0.001 and least a 4-fold difference in mean peak intensity between
groups). 12,908 sites were up-regulated in one histology: 8,939 were chRCC-specific, 3,653 were pRCC-
specific, and 316 were ccRCC-specific (Figure 1E). These subtype-specific H3K27ac peaks were differentially
marked by H3K4me2 ChIP-Seq and were associated with open chromatin, strongly suggesting that they were
histology-specific active enhancers. Moreover, differential epigenetic sites correlated with the nearest gene
expression difference (p-value < 2x10-16, chi-square test ) (Figure 1F-H). GREAT? analysis of the 8,939
chRCC-specific H3K27ac peaks revealed enrichment for genes involved in actin regulation, fatty acid
oxidation, and ion transmembrane transporter activity (Figure 1I), consistent with previously reported mRNA
signature analysis showing an increased ion transmembrane transport signature in chRCC®. Similar analysis of
the 3,653 pRCC-specific sites showed enrichment for genes involved in renal system development (Figure 1J).
This is consistent with the notion that pRCC arises from embryonic nephrogenic rest precursor lesions, which
persist during adult life’. Since there was a relatively small number of ccRCC-specific sites (n=316) in
comparison to chRCC and pRCC, and the enhancer landscape of ccRCC resembled that of pRCC more than
chRCC, we compared H3K27ac sites between ccRCC and pRCC only. The majority of H3K27ac sites were
common to the two histologies (n=113,786), while 1,265 sites were ccRCC-specific, and 2,661 sites were
pRCC-specific. The 1,265 ccRCC-enriched peaks were associated with genes involved in circulatory system
development and angiogenesis (Figure 1K), while the 2,661 pRCC-enriched peak genes were again enriched for
genes involved in kidney embryogenesis. Similar analysis of the H3K4me2 pe demonstrated clear separation of
chRCC from the other two RCC subtypes with comparable histology-specific and common “poised” sites.
H3K27ac and H3K4me2 ChIP-seq signals for all samples were strongly correlated (Pearson correlation, r=0.73)
(Fig. 1L).
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De novo motif analysis of H3K27ac peaks enriched in each subtype identified four motifs that were highly
enriched in chRCC, including one resembling a forkhead motif, and another resembling the motif associated
with TFCP2 (Figure 2A). FOXII1, a forkhead family TF, and TFCP2L1, closely related to TFCP2, have both
been implicated in the development of intercalated cells of the kidney, the putative cell of origin of chRCC?.
FOXI1 and TFCP2L1 gene loci were characterized by high H3K27ac signal in chRCC compared to absent or
markedly lower signal in ccRCC and pRCC (Figures 2BC). Motif enrichment analysis of putative ccRCC-
specific enhancers identified a motif resembling the basic Leucine Zipper (bZIP) BATF motif, and another
resembling the basic helix-loop-helix (b HLH) TF family member HIF-2a (also known as EPAS1) (Figure 2D).
ETS1, in the bZIP family with BATF, has been implicated in von-Hippel Lindau (VHL)-dependent ccRCC
tumorigenesis’, and was highly marked by H3K27ac in ccRCC, less so in pRCC, and not in chRCC (Figure 2E).
HIF-2a is well known to be dysregulated in ccRCC due to the loss of the VHL protein function. It is the main
driver of ccRCC and is upstream of multiple critical oncogenic pathways. Recent clinical trials with HIF2
inhibitors have shown clinical activity in advanced ccRCC patients'®!'!. The top scoring pRCC-specific motif
corresponded to HNF1B (Figure 2F, 2G). HNF1B is a member of the homeodomain-containing superfamily of

TFs, which is involved in nephrogenesis'?, and was highly marked by H3K27ac specifically in pRCC (Figure
2F).
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Figure 2. De novo motif analysis of differential H3K27ac peaks to identify differential TF activity . A. Four most significantly
enriched nucleotide motifs present in chRCC-specific sites by de novo motif analysis, limited by ATAC peaks. BC. H3K27ac
profiles near FOXI1 and TFCP2L1, respectively, in two representative samples of each histology (chRCC, ccRCC, pRCC). D.
Two most significantly enriched nucleotide motifs present in ccRCC specific sites by denovo motif analysis. EF. H3K27ac
profiles near ETS1, and HNF 1B, respectively, in two representative samples of RCC histology . G. Three most significantly
enriched nucleotide motifs present in pRCC specific sites by denovo motif analysis.

We next sought to systematically identify candidate histology-specific master TFs that define the three subtypes
of RCC. Master TFs typically bind within superenhancers (SEs)'*!4, are often regulated by SEs, and regulate
one another in a transcriptional core regulatory circuit (CRC) [44]. We employed an integrative approach!>!6,
leveraging the RNA-Seq, ChIP-Seq, and ATAC-Seq data to identify candidate histotype-specific master TFs
(Figure 3A). This approach aims to utilize orthogonal information to identify a consensus set of master TFs. We
combined 1) expression data of differentially expressed TFs across RCC histologic subtypes; 2) TFs specific to
RCC histologic subtypes relative to other cancer types (CaCTS; http://dx.doi.org/10.1101/839142do); 3)
differential SE-associated TFs among RCC histologic subtypes; and 4) TFs with histology-specific connectivity
in regulatory cliques. These four analyses identified more than 200 candidate TFs showing a histology-specific
association in one or more analysis. We prioritized candidates for downstream validation by selecting those that
were identified in more than one analysis. This analysis highlighted 50 candidate histotype-specific master TFs
(N=20, chRCC; N=14, pRCC; N=16, ccRCC) including FOXI1, TFCP2L1, and DMRT2 for chRCC; EPASI,
ETS1, BARX2, ZNF395 for ccRCC, and HNF1B and NR2F2 for pRCC (Figure 3B). SE ranking, gene
expression, and CES of the 50 histotype-specific TFs selected using this meta-analysis approach clustered the
samples tightly according to their respective histologies.

To provide proof of concept validation of the nominated master TFs in driving the transcriptional identity of the
different RCC histologies, we manipulated TF expression in a ccRCC cell line. We hypothesized that
overexpression of chRCC-specific TFs and suppression of ccRCC-specific TFs can shift the transcriptional
landscape of the ccRCC cell line 786-0O to become more chromophobe-like. FOXI1 scored as a chromophobe-
specific TF in 3/4 master TF analyses (Figure 3B). Furthermore, FOXI1 is selectively expressed in intercalated
cells (ICs), the putative cellular origin of chRCC®!7 and is more highly expressed in chRCC than other cancer
subtype in the TCGA dataset. We also manipulated the expression of EPAS1 as a second target as it was highly
specific for ccRCC in our integrative analysis, and prior studies have characterized its role in the pathogenesis
of ccRCC'®. We overexpressed FOXI1 in the ccRCC cell line 786-O (FOXI1 OE); suppressed EPAS1 (EPASI
KD) and simultaneously perturbed both genes in the same cell line (FOXI1 OE/EPAS1 KD). Gene set
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enrichment analysis (GSEA) of down-regulated genes with FOXI1 OE/EPAS1 KD in 786-O showed
enrichment of genes involved in the immune responses (Figure 3C). Concomitant FOXI1 OE and EPAS1 KD in
786-0 cells resulted in upregulation of chRCC-specific master TFs such as TFCP2L1 and NR3C2 and down-
regulation of ccRCC-specific master TFs such as ETS1 and ZNF395 compared to control cells. (Figure 3D). Of
note, the FOXI1 OE/EPASI1 KD cell line did not have significant expression differences compared to FOXI1
OE only.

We then compared differentially expressed genes between our experimental conditions in 786-O and our RCC
tumor expression data (Figure 3E). Defining chRCC and ccRCC gene sets as the top 100 upregulated genes for
each histology relative to the other, we showed that the chRCC gene set is enriched among upregulated genes in
786-O FOXI1 OE/EPAS1 KD cell line vs control (Figure 3F), and the ccRCC gene set is enriched among
upregulated genes in 786-0 control vs FOXI1 OE/EPAS1 KD cell line (Figure 3G). The FOXI1 OE/EPAS1 KD
786-0 cell line demonstrated significantly higher expression of chRCC-specific candidate master TFs,
TFCP2L1, GATA2, DDIT3, NKX6-1, and lower expression of ccRCC-specific candidate master TFs, ZNF395
and TSC22D3. Differential TFs in the 786-O FOXI1 OE/EPAS1 KD vs. 7860 CTRL comparison overlapped
more significantly with differential TFs from the chRCC vs ccRCC human sample comparison than from the
ccRCC vs pRCC human sample comparison. In summary, these data show that overexpression of a single
chRCC master transcription factor candidate, FOXI1, in the ccRCC cell line 786-0, with or without knockdown
of EPASI, led to marked expression changes driving the cell line to be more like a chRCC cell line without any
modification to the set of mutations present in 786-O cells.
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Figure 3. Multi-dimensional integrative analysis identifies histology-specific master TFs. A. Overview of the approach used to nominate histology-specific master TFs
participating in core regulatory circuitries (CRC). B. Heatmap integrating the 50 histology-specific TFs identified by the meta-analysis approach (CES, differential expression,
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Allelic imbalance, the differential allelic representation of heterozygous SNPs in ChIP-seq reads, provides an in
vivo comparison of cis-regulatory activity between two haplotypes (Figure 4A). As such, allelic imbalance can
highlight the functional relevance of candidate causal variants'®-? at loci that have been associated with RCC
risk through GWAS. A key advantage of profiling epigenomes from many individuals is the ability to capture
heterozygous sites and to measure the effect of TF binding on regulatory elements through analysis of allelic
imbalance. To this end, we assessed allelic imbalance in ChIP-seq reads from these RCC samples in order to
nominate causal risk SNPs from a genome-wide association study of RCC. We applied stratAS52 to H3K27ac
ChIP-seq data from 20 ccRCC and 6 pRCC. We identified 10,605 imbalanced H3K27ac peaks — which we
defined as peaks with one or more imbalanced SNPs after correction for multiple hypothesis testing — across
183,099 peaks tested in the combined ccRCC and pRCC sample sets (Figure 4B).

We hypothesized that Al peaks correspond to regulatory elements that are bound by master TFs. At these
elements, the presence of trans-acting factors (i.e. master TFs) may result in regulatory element activity that are
observable as H3K27ac Al peaks. One example is rs4903064 (chr14:73279420; 14q24.2), an eQTL for DPF355
(Figure 4C). rs4903064 is allelicly imbalanced in our dataset, has been shown to be a GWAS risk variant in all
3 histologic subtypes (ccRCC, chRCC, pRCC), and the altered C-allele of this SNP has been suggested to create
a HIF binding motif (Figure 4D)*. To confirm this, we used HIF-2a transcription factor ChIP-Seq data from an
ongoing project in an independent cohort of 43 samples derived from 23 patients with ccRCC to study the effect
of the GWAS risk variant rs4903064 on HIF-2a binding. Analysis of 10 primary, 23 metastatic ccRCC samples,
and 10 normal renal tissue samples showed that tumors with homozygous C/C alleles were significantly
enriched for HIF-2a peaks (Figures 4E, 4F) in both tumors and normal tissue and that rs4903064 is a HIF-2a
cQTL. This confirms prior literature that the C-allele creates a HIF binding site?’.

We applied our Al analysis to annotate risk SNPs identified by a GWAS for RCC55. Al peaks were highly
enriched (16.7-fold) for RCC GWAS risk variants as assessed by LD score regression analysis (p = 1.9 x 10-
4)** Subsetting imbalanced H3K27ac peaks to regions of accessible chromatin where TFs are likely to bind (as
assessed by ATAC-Seq from RCC tissues59) (Figure 4G) resulted in substantial additional enrichment (43.2-
fold; p = 1.2 x 10-4) . This enrichment represents approximately twice that of the total set of H3K27ac peaks,
which are themselves enriched 8.1-fold (p = 1.2 x 10-4). By contrast, multiple other GWAS phenotypes from
the UK Biobank 60 showed substantially less enrichment compared to RCC GWAS SNPs, indicating the
specificity of this enrichment for RCC (Figure 4H).

Using this method, we were able to fine-map a total of 30 risk SNPs, with some examples highlighted here.
rs7132434, located on chr 12, has been characterized as a functional variant that alters AP-1 binding leading to
upregulation of BHLHE41, thus promoting tumor growth through induction of IL-1161 (Figure 41). Another
example is rs4733579 which is located on chr 8 and is in LD with rs35252396 (Figure 4J). The latter has been
shown to contribute to RCC susceptibility through regulating MYC and PVT1 expression®’. Of note,
rs35252396 is an indel and therefore cannot assessed by stratAS. Our analysis also highlighted rs46552601
(Figure 4K) and rs46541176 (Figure 4L), both located on chr2p21 within the EPAS1 gene, where at least 59
SNPs have been fine mapped. These two SNPs are imbalanced only in ccRCC but not in pRCC, consistent with
the specific role of EPAS1 (HIF2-alpha) in ccRCC pathogenesis (Figures 4M, 4N). As part of this project, we
plan to functionally validate the mechanism of these two SNPs in ccRCC pathogenesis.
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o What opportunities for training and professional development has the project provided?

= The project has provided the opportunity to mentor three post-docs in the lab — Sylvan
Baca, M.D., Sarah Alaiwi, M.D. and Amin Nassar, M.D. Dr. Baca is a medical oncology
fellow at Dana-Farber Cancer Institute. He is in the midst of his post-doctoral triaing in
genomics and bioinformatics. He conducted much of the bioinformatics work described
above under the mentorship of the Pls on this project. Drs. Abou Alaiwi and Nassar are
both internal medicine residents at Brigham and Women’s Hospital. As part of this
project, they mastered ChIP-seq in human tissue specimens and worked with the
bioinformatics team to analyze the data. Our team — the PIs on this project plus Drs.
Abou Alaiwi and Nassar presented our work at the International Kidney Cancer
Symposium 2020.

o How were the results disseminated to communities of interest?

= The data were initially presented at the International Kidney Cancer Symposium 2020
and updated at the 2021 meeting.
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o What do you plan to do during the next reporting period to accomplish the goals?

4. IMPACT:

Now that we have defined the universe of enhancers associated with RCC pathogenesis
and identified master TFs and downstream target genes, we will functionally characterize
these potential non-coding drivers of RCC progression. Our H3K27ac ChIP seq data
(above) revealed the enhancer landscape in RCC tumorigenesis, with both loss and gain
of enhancers. We will use these enhancer profiles to perform an in vitro screen renal cell
carcinoma cell lines. We will focus on the A498 and 798-0 cell lines, which have been
used as models for localized and metastatic ccRCC, respectively. To determine the
functional significance of these epigenetic alterations, we will perform an unbiased
pooled CRISPR/Cas9-based screen to systematically suppress each differentially
activated enhancer. Recruitment of a nuclease dead version of Cas9 fused to the Kruppel-
associated box repressor domain (dCas9-KRAB) results in loss of H3K27ac and silencing
of the enhancer. We will clone a pool of gRNAs targeting each enhancer into a lentiviral
expression system. We will use five gRNAs per enhancer targeting the center of each
H3K27Ac ChIP-seq peak. We anticipate approximately 4000 enhancers to be
differentially activated in tumors versus normal tissue based on our preliminary results,
which is well within the range typically done with genome-scale screens involving
20,000 genes and libraries consisting of 100,000 gRNAs. As a result, we will have
generated the first comprehensive functional enhancer landscape required for
proliferation of primary and metastatic RCC.

o What was the impact on the development of the principal discipline(s) of the project?

To date, the majority of RCC epigenomic studies have focused on promoter DNA
methylation in the context of tumor suppressor gene silencing. On the other hand, little is
currently known about distal regulatory elements in the various subtypes of RCC. While
some studies have begun interrogating the epigenetic landscape of RCC, the majority of
epigenetic analyses have been conducted in immortalized or malignant cancer cell lines.
In this project, we have directly addressed this void in our understanding of RCC
by generating a comprehensive compendium of ATAC-Seq, RNA-Seq, and histone
modification data across different RCC histologies with the goal of identifying
histology-specific epigenetic mechanisms driving RCC pathogenesis and potentially
explaining its diverse clinical behavior.

In line with histological, expression and mutational data, the regulatory element
landscapes of ccRCC, pRCC and chRCC are distinct. While the majority of gene
regulatory elements were common across all three histologies, large sets of epigentic
marks were unique to each histology. Interestingly, within individual histologies,
mutations in commonly altered chromatin modifying genes did not have a
significant impact on the regulatory element landscape. This suggests that the highly
prevalent genomic alterations discovered in large-scale genomic sequencing projects
such as TCGA may not be the key players in driving the regulatory element landscape
heterogeneity and, hence, the transcriptional diversity in RCC.

Prior work in medulloblastoma and ependymoma demonstrated how molecularly-defined
cancer subgroups exhibit specific core regulatory circuitries. These studies showed that
subgroup-specific TFs are faithful tracers of cell-of-origin and important regulators of
tumor dependencies. In attempt to first understand the epigenetic orchestrators of cellular
identity and second to highlight potential drivers of carcinogenesis in RCC, we mapped
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o

putative master TFs in each RCC histology. Using an integrative approach, we
identified 50 histotype-specific TFs.

» This project characterized a novel master TF, ETS-1, in ccRCC pathogenesis. ETS
proto-oncogene 1 (ETS-1) is a transcription factor that is involved in differentiation of
hematopoetic cells and angiogenesis. ETS-1 also plays a crucial role in carcinogenesis.
As a proto-oncogenic factor, ETS-1 is capable of activating genes associated with
angiogenesis, metastasis and invasive behavior in multiple tumor types. Additionally,
ETS-1 expression correlates with microvessel density in some non-glial tumors and is an
independent negative prognostic marker in different tumor entities such as breast,
ovarian, pancreatic and colorectal cancer. Nonetheless, the role of ETS-1 in RCC has
mainly focused on its interaction with HIF2-alpha. Here, we show that ETS-1 may play a
role as a master TF specific to ccRCC and not chRCC or pRCC. Prospective studies
should focus on understanding the global epigenomic effect of ETS1 in driving ccRCC
pathogenesis. Furthermore, HIF2-alpha, a known driver in ccRCC, was found to be a
ccRCC-specific SE.

=  GWAS have identified hundreds of putative cancer-risk loci. These studies have led to
the conclusion that cancer is driven by thousands of variants with individual small
effects, and that cancer-risk variants predominantly lie in non-coding regions of the
genome. More recently, it has been realized that GWAS heritability is enriched at
variants that lie in tissue-relevant epigenomic features. Emerging evidence suggests that
many GWAS variants function by altering an existing or creating a new TF binding site.
This in turn regulates the local chromatin regulatory landscape by altering the enhancer
landscape and thus modulating the expression of target genes. We used our population-
scale epigenomic data to further empower the discovery of cis-regulatory elements
that may mediate between the risk variant and target gene and thus constrain
putative targets for experimental validation. We showed that RCC GWAS risk SNPs
are enriched in regulatory elements, consistent with prior studies. Profiling these
regulatory elements across mutltiple (genetically diverse) individuals allowed us to
identify regions of allelic imbalance, which are further enriched for GWAS SNPs, and
subsetting these regions to ATAC-seq peaks where TFs are likely to bind identifies
regions, showed even more enrichment for GWAS SNPs. In RCC, there are 13
recognized risk loci, but the causal variants have been identified for few, and underlying
mechanisms of risk remain elusive for most regions. Our approach can help pinpoint
the SNPs associated with RCC risk and provide candidate mechanisms by
identifying small numbers of SNPs that my alter binding sites for specific TFs.

What was the impact on other disciplines?

This work combines and integrates ChIP-Seq, ATAC-seq and RNA-seq data into a unified
analysis to capture the deep complexity of the epigenomic landscape of RCC. The majority of
epigenetic analyses have been conducted in immortalized or malignant cancer cell lines, which
inevitably have diverged significantly in many respects from primary tumor tissues, as seen in
prior studies from medulloblastoma and diffuse large B-cell lymphoma. In addition, studies have
demonstrated that the vast majority of available RCC cell lines are derived from ccRCC, with
very few pRCC lines, and relative absence of any chRCC lines. To date, most of our knowledge
in the epigenomic space of RCC primary tissue is derived from older DNA methylation analysis,
limited to one specific subtype of RCC, or confined to only one epigenetic dimension. By
integrating several epigenetic technologies, we discovered master TFs that drive histology-
specific transcriptional programs in RCC and showed that regulatory elements with allelic
imbalance are specifically enriched for RCC GWAS risk SNPs relative to GWAS risk SNPs for
other disease features. Overall, our work highlights the histology-specific nature of these
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regulatory elements and the opportunity of cataloging the epigenetic landscapes in expanded
patient cohorts and across various tumor types.

o What was the impact on technology transfer?
* Nothing to Report.
o What was the impact on society beyond science and technology?

= Nothing to Report

5. CHANGES/PROBLEMS:
o Changes in approach and reasons for change
* Nothing to Report
o Actual or anticipated problems or delays and actions or plans to resolve them

= The COVID-19 pandemic had a significant impact on the launch of this project and
maintaining the intended timeline, particularly the planned functional work outlined in
Aim 2 of the project, as our laboratories at Dana-Farber Cancer Institute and the National
Cancer Institute were closed for most of 2020 and were limited in 2021. Both institutions
placed strict restrictions on access to the laboratory for activities unrelated to direct
patient care. Nonetheless, we have been able to generate the considerable amount of data
described above and continue to process data generated earlier this year.

o Changes that had a significant impact on expenditures
= Nothing to Report

o Significant changes in use or care of human subjects, vertebrate animals, biohazards,
and/or select agents

= Nothing to Report
o Significant changes in use or care of human subjects
= Nothing to Report
o Significant changes in use or care of vertebrate animals.
* Nothing to Report
o Significant changes in use of biohazards and/or select agents

= Nothing to Report

6. PRODUCTS:
o Publications, conference papers, and presentations

= Journal publications. “Leveraging the Epigenomic Landscape to identify Histology-
Specific Master transcription factors and to functionally annotate risk loci in renal cell
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carcinoma” is under review at Cancer Cell and we have provided acknowledgement of
federal support and specifically cited this grant.

* Books or other non-periodical, one-time publications. Nothing to Report

= Other publications, conference papers, and presentations. “Mapping the epigenetic
landscape of renal cell carcinoma”, presented at the International Kidney Cancer
Symposium 2020

o Website(s) or other Internet site(s)
Nothing to Report

o Technologies or techniques
Nothing to Report. Techniques developed in our lab for performing epigenetic analysis in human
specimens has been reported in previous publications and updated in our current manuscript.

o Inventions, patent applications, and/or licenses
Nothing to Report

o Other Products
The epigenetics data generated by the project thus far will be made publicly available via the
NCBI Gene Expression Omnibus upon publication of our current manuscript.

7. PARTICIPANTS & OTHER COLLABORATING ORGANIZATIONS

o What individuals have worked on the project?

Name: Mark Pomerantz, M.D.

Project Role: PI

Researcher Identifier

(e.g. ORCID ID): ORCID ID 0000-0003-4914-1157

Nearest person month

worked: 0.91 CM

Dr. Pomerantz has led overall study design, data generation and data
Contribution to Project: || analysis. He directs the database and biobank that provides the materials

for the project.
Funding Support:
Name: Matthew Freedman, M.D.
Project Role: Co-PI

Researcher Identifier (e.g.

ORCID ID): ORCID ID 0000-0002-0151-1238
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Nearest person month worked: {| 0.48 CM

Dr. Freedman has been involved in overall study design, data

Contribution to Project: generation and data analysis

Funding Support:

Name: David Takeda, M.D.

Project Role: Co-PI

Researcher

Identifier (e.g. ORCID ID 0000-0002-5986-1169
ORCID ID):

Nearest person

month worked: 0.46 CM

Dr. Takeda was leading the functional molecular biology experiments. He

Contribution to has moved to the National Cancer Institute since the funding of this award

Project: and much of the functional work is now taking place under the supervision
of Dr. Freedman.

Funding Support:
Name: Toni Choueiri, M.D.
Project Role: Co-PI

Researcher Identifier (e.g.

ORCID ID): ORCID ID 0000-0002-9201-3217

Nearest person month worked: || 0.46 CM

Dr. Choueiri has been involved in overall study design, data

Contribution to Project: . .
u ) generation and data analysis

Funding Support:

o Has there been a change in the active other support of the PD/PI(s) or senior/key personnel
since the last reporting period?

= Nothing to Report
o What other organizations were involved as partners?

» Nothing to Report
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8. SPECIAL REPORTING REQUIREMENTS
o COLLABORATIVE AWARDS: Nothing to Report
o QUAD CHARTS: Nothing to Report

9. APPENDICES: Nothing to Report
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